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Abstract 
Type 2 diabetes disproportionately affects low-income African American women, age 50 and 
older: 30% to 40% of this population has this chronic disease. Two significant factors affecting 
poor diabetes practice adherence are food insecurity and depression; another is obesity. The 
purpose of this quantitative correlational study was to determine if either food insecurity or 
depression significantly affect Type 2 diabetes self-management practices; and/or if food 
insecurity significantly influences practice adherence indirectly, through the mediator of 
depression, while controlling for obesity. The research questions were aligned with the 
theoretical pathways posited in Matthews’s reserve capacity model (RCM) and used the most 
current national data from the 2015 BRFSS dataset. The results of the linear regression models 
indicated that as hypothesized, depression was significantly associated with poor practice 
adherence; contrary to hypotheses, food insecurity and obesity were not.  The lack of 
significance between food insecurity and depression eliminated the need to test for mediation. 
While correlational analyses revealed a significant association between obesity and depression, 
this relationship was no longer detected in linear regression analyses. An unanticipated finding 
was the significant relationship between education and Type 2 depression self-management 
practices, a relationship that maintained significance even with the entry of depression. Results 
from this study can inform the development of interventions aimed at enhancing Type 2 diabetes 
self-management practice adherence among low-income older African American women.  
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Chapter 1: Introduction 
Type 2 diabetes presents significant health and mental health risks for low-income 
African American women, particularly those aged 50 and older (Strings, Ranchold, Laraia, & 
Nuru-Jeter, 2016). This population is at increased risk for developing severe diabetes-related 
health complications due to poor and inconsistent diabetes self-management practices (Centers 
for Disease Control and Prevention [CDC], 2015; Gucciardi, Chan, Manuel, & Sidani, 2013; 
Gucciardi, Vahabi, Norris, Del Monte, & Farnum, 2014; Hartman et al., 2015). Diabetes self-
management practices are self-care behaviors (e.g., regular exercise, daily glucose monitoring, 
checking feet for sores or irritations, and having had diabetes self-management education) that 
help to manage diabetes, reduce the physical and psychological effects of Type 2 diabetes, and 
can ultimately improve quality of life (Chen, Cheadle, Johnson, & Duran, 2014; Sharma, 2017). 
Researchers studying health disparities have increasingly recognized the importance of evidence-
based diabetes self-management interventions as essential to the health of this population 
(Springfield et al., 2015). While over a decade of health disapirity empirical literature exists on 
the antecedents of poor or lack of diabetes self-management practices, empirical work examining 
the interplay between food insecurity, depression, and obesity on Type 2 diabetes self-
management practices among low-income older African American women is markedly absent in 
the literature.  
In this study, I utilized 2015 Behavioral Risk Factor Surveillance System (BRFSS) data 
from 350 African American women with Type 2 diabetes who had an annual income of $25,000 
or less and were 50 years of age or older. The 2015 BRFSS dataset met all of the study data 
requirements: (a) a sample that was restricted to a certain age, income, and gender but needed to 
be of a size that was large enough to ensure sufficient power; (b) psychometrically sound 
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instruments of very specific yet diverse health constructs; and (c) a multi-item measure of Type 2 
diabetes self-management scale, as opposed to a single item. Use of 2015 BRFSS data allowed 
for the examination of the relationships between (a) food insecurity and Type 2 diabetes self-
management practices; (b) depression and Type 2 diabetes self-management practices; and (c) 
food insecurity, depression (as a mediator), and Type 2 diabetes self-management practices. The 
results of the study have the potential to inform and guide the creation and implementation of 
both grassroots and federal health promotion initiatives, leading to social changes that reduce 
health disparities in a very high risk and often overlooked population. 
The purpose of this chapter is to provide a comprehensive yet concise overview of the 
study. The first section of the chapter is the background, which provides the empirical literature 
foundation for the study. The second and third sections of the chapter pertain to the public health 
problem that the study addressed and the purpose of the study, respectively. I will summarize the 
guiding theoretical framework of the study, Matthews’s (2005) reserve capacity model (RCM). 
Sections subsequent to the theory concern the study research questions, nature of the study, and 
definitions of key terms. I will cite the study assumptions, scope and delimitations, limitations, 
and study significance. A summary section concludes the chapter. 
Background 
As a chronic illness, Type 2 diabetes prevents the body from properly metabolizing sugar 
due to its inadequate production or processing of insulin (CDC, 2015; National Diabetes 
Education Program [NDEP], 2015). Type 2 diabetes disproportionately affects African American 
older adult females, especially those of low-income status (Cheng et al., 2013; McNabb, Quinn, 
& Tobian, 2014). As of 2013, 25-30% of African American women ages 50 and older had Type 
2 diabetes, twice the rate for African American males and Caucasian males and females 
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(McNabb et al., 2014). This rate increases to 40% for African American women ages 65 and 
older (McNabb et al., 2014). These statistics indicate that Type 2 diabetes and its management 
are significant issues for this vulnerable population.  
 The degree and severity of Type 2 diabetes-related health problems in low-income older 
adult African American females are striking when compared to same-age counterparts. In 
comparison to their low-income White peers, this population is more likely to have more 
diabetes complications, and these complications are likely to be more severe (Blaum et al., 2010; 
Gucciardi et al., 2014; Kerr et al., 2007; Ma et al., 2013). They are three times more likely than 
White females, ages 50 or older, to develop the diabetes-related health complications of 
retinopathy, peripheral neuropathy, and renal failure (American Psychological Association 
[APA], 2015). African American females are also more likely to develop more geriatric 
syndromes, including chronic pain and urinary incontinence, in comparison to their peers (Feil, 
Zhu, & Sultzer, 2012; Jack, Jack, & Hayes, 2012; Wilson et al., 2012; Zulman, Rosland, Choi, 
Langa, & Heisler, 2012). They are also at greater risk than their White and Asian peers of 
developing diabetes-related dementia (Karter et al., 2015). 
This collection of issues frames coping as a priority. Many programs might help older 
adults manage their diabetes, including self-management (Cutrona et al., 2014), which can 
greatly enhance positive health outcomes and quality of life for the at-risk population (Jack, 
Liburd, Tucker, & Cockrell, 2014). Researchers have shown, however, that low-income African 
American older adult women rarely practice diabetes self-management, compared with their 
counterparts of other races (Cutrona et al., 2014; Gucciardi et al., 2013, 2014; Jack et al., 2012). 
In turn, the factors leading to this trend require more attention.  
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Past researchers have shown that contextual and individual factors both play a role in 
influencing diabetes self-management behaviors in this population (Cutrona et al., 2014; 
Franklin et al., 2012; Gucciardi et al., 2013, 2014; Hewitt et al., 2011; Jack et al., 2012, 2014; 
Quirk et al., 2013; Tsenkova, Albert, Georgiades, & Ryff, 2012; Zahodne, Nowinksi, Gershon, & 
Manly, 2014). One significant factor is food insecurity, which is the lack of access to affordable, 
high-quality food necessary for an active and healthy life without reduced or disrupted eating 
behaviors (Seligman, Davis, Schillinger, & Wolf, 2010; Seligman, Jacobs, Lopez, Tschann, & 
Ferndandez, 2012). Another factor is depression. Often linked to obesity and poor health 
outcomes and more prevalent in African American older adult females than males, depression is 
an individual factor that can lead to poor self-management practices for diabetics (Blaum et al. 
2010; Kerr et al., 2007; Kim, Kim, Cho, & Park, 2012; Zulman et al., 2012).  
A third individual risk factor for poor diabetes self-management practices is overweight 
and obesity, which is frequently comorbid with not only food insecurity but also depression 
(Compton, 2014; Dipnall et al., 2015). The comorbidity of overweight/obesity with Type 2 
diabetes can lead to ambiguous statistical results, a factor that has led to the methodological 
recommendation to statistically control for overweight/obesity, which was part of the 
methodology of the current study (Jack et al., 2012; Kerr et al., 2007). By controlling for 
overweight/obesity, researchers may create a clearer understanding of the relationships between 
food insecurity, depression, and diabetes self-management (Franklin et al., 2012).  
In general, older African American low-income females are likely to perceive diabetes 
self-management practices as lacking in cultural relevance and importance (Bhattacharya, 2012; 
Quandt et al., 2013). Furthermore, this population tends to benefit from culturally congruent 
diabetes self-management interventions (Kong et al., 2014; Lancaster, Carter‐Edwards, Grilo, 
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Shen, & Schoenthaler, 2014; Thompson, 2015; Timmons, 2015). Therefore, it is important to 
follow a guiding theoretical framework that is culturally sensitive and thus more meaningful, 
relevant, and applicable to the study sample and better suited to the development of culturally 
congruent health interventions (Matthews, 2005). As a result, I chose Matthews’s (2005) reserve 
capacity model (RCM) as a guiding framework. The premise of RCM is that stress can indirectly 
influence health and health behavior outcomes by influencing one’s reserve capacity—or ability 
to cope with the health problem(s)—and one’s emotional state. In aligning with the RCM, the 
participants in the study were low-income or below 200% of the official poverty threshold 
(Roberts et al., 2014).  
Advances in medical treatments and new medications can enhance health outcomes and 
quality of life for older adult African American women with Type 2 diabetes (APA, 2015; 
Gucciardi et al., 2014; Jack et al., 2012). Substantial public health campaigns have promoted 
self-management skills to reduce the severity of Type 2 diabetes and to prevent or delay the 
numerous unhealthy outcomes associated with it in African American populations and other 
ethnic groups most affected by health disparities (Gucciardi et al., 2014; Nguyen, Taylor, 
Peterson, & Chatters, 2013). Despite the public health advocacy efforts and educational 
interventions aimed at enhancing diabetes self-management practices, African American women 
over the age of 50 often experience an array of challenges in self-managing Type 2 diabetes 
(Gucciardi et al., 2013, 2014; McNabb et al., 2014; Musselman et al., 2014). When considered 
together and within the context of Type 2 diabetes, food insecurity, depression, and poor diabetes 
self-management practices can greatly reduce the quality of life of older adults who live in 
poverty (Ahn, Smith, Dickerson, & Ory, 2012; Nguyen et al., 2013). The researchers above 
provided the impetus for in-depth research on the above factors linked to the proliferation of 
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Type 2 diabetes in this population and clarifying the shortcomings of past diabetes self-
management measures.  
Problem Statement  
 The problem that I addressed in this study concerned Type 2 diabetes self-management 
challenges experienced by low-income older African American women that ultimately 
contributed to the development of diverse and severe diabetes-related health problems (Nguyen 
et al., 2013). With the increasing likelihood of those 65 living another 20 years, and increasing 
numbers of Americans 50 years or older—both of which place financial burdens on the 
healthcare industry and the individuals’ quality of life—gerontology, psychology, and public 
health researchers have advocated for increased studies of chronic health issues among older 
adults, especially those of color (Hinrichsen, 2010; Hurd, Martorell, Delavande, Mullen, & 
Langa, 2013; Mullings, 2014). Studies of African American older adults have examined 
relationships between food insecurity and depression (Black, Johnson, & VanHoose, 2015; Ivers 
& Cullen, 2011; Quirk et al., 2013), depression and diabetes self-management practices (Baum et 
al., 2010; Kerr et al., 2007), and food insecurity and diabetes self-management practices 
(Billimek & Sorkin, 2012; Gucciardi et al., 2013, 2014; Seligman et al., 2010, 2012).  
Despite these efforts, there has not been a comprehensive examination of whether food 
insecurity and depression are related to diabetes self-management practices, controlling for 
shared variance, and if depression mediates between food insecurity and diabetes self-
management practices in low-income African American older adult females. Furthermore, 
scholars examining diabetes self-management practices have tended to focus on one type of 
practice. Glycemic control has received much of the empirical attention, while the body of 
research has not utilized more psychometrically sound scale measurements that capture the full 
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construct of diabetes self-management practices (Musselman et al., 2014; Papelbaum et al., 
2011; Seligman et al., 2012). In addition, a lack of research on the comorbidity of food insecurity 
and depression may have hampered the effectiveness of self-management interventions.  
Purpose 
The purpose of this quantitative study was two-fold. The first purpose was to study 
whether food insecurity and depression are significantly associated with diabetes self-
management practices in the high-risk group of African American older adult females. The 
second purpose was to extend the body of public health literature to determine if depression acts 
as a mediator between food insecurity and the diabetes self-management practices in this same 
population. Because of the often significant associations between overweight/obesity and Type 2 
diabetes, diabetes self-management practices, and food insecurity (Allison, Edlen-Nezin, & 
Clay-Williams, 2014; Drong, Lindgren, & McCarthy, 2012), I statistically controlled for 
overweight/obesity as a covariate.  
Research Questions and Hypotheses 
To investigate these lines of inquiry, I posed the following research questions and 
accompanying hypotheses: 
RQ1. Does household food insecurity, as measured by the BRFSS food insecurity item, 
significantly relate to diabetes self-management practices, as measured by the BRFSS DSMS, in 
a sample of low-income African American women, ages 50 and older, controlling for 
overweight/obesity, as measured by BMI?  
H1o. Household food insecurity, as measured by the BRFSS food insecurity item, does 
not significantly relate to diabetes self-management practices, as measured by the BRFSS 
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DSMS, in a sample of low-income African American women, ages 50 and older, controlling for 
overweight/obesity, as measured by BMI.  
H1a. Household food insecurity, as measured by the BRFSS food insecurity item, does 
significantly relate to diabetes self-management practices, as measured by the BRFSS DSMS, in 
a sample of low-income African American women, ages 50 and older, controlling for 
overweight/obesity, as measured by BMI.  
RQ2. Does depression, as measured by the BRFSS Psychological Distress Scale (PDS), 
significantly relate to diabetes self-management practices, as measured by the BRFSS DSMS, in 
a sample of low-income African American women, ages 50 and older, controlling for 
overweight/obesity, as measured by BMI?  
 H2o. Depression, as measured by the BRFSS PDS, does not significantly relate to 
diabetes self-management practices, as measured by the BRFSS DSMS, in a sample of low-
income African American women, ages 50 and older, controlling for overweight/obesity, as 
measured by BMI.  
H2a. Depression, as measured by the BRFSS PDS, does significantly relate to diabetes 
self-management practices, as measured by the BRFSS DSMS, in a sample of low-income 
African American women, ages 50 and older, controlling for overweight/obesity, as measured by 
BMI. 
RQ3. Does depression, as measured by the BRFSS PDS, significantly mediate between 
household food insecurity, as measured by the BRFSS food insecurity item, and diabetes self-
management practices, as measured by the BRFSS DSMS, in a sample of low-income African 
American women, ages 50 and older, controlling for overweight/obesity, as measured by BMI? 
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H3o. Depression, as measured by the BRFSS PDS, does not significantly mediate 
between household food insecurity, as measured by the BRFSS food insecurity item, and 
diabetes self-management practices, as measured by the BRFSS DSMS, in a sample of low-
income African American women, ages 50 and older, controlling for overweight/obesity, as 
measured by BMI.  
H3a. Depression, as measured by the BRFSS PDS, does significantly mediate between 
household food insecurity, as measured by the BRFSS food insecurity item and diabetes self-
management practices, as measured by the BRFSS DSMS, in a sample of low-income African 
American women, ages 50 and older, controlling for overweight/obesity, as measured by BMI. 
Conceptual Framework 
The conceptual framework that guided this study was the reserve capacity model (RCM). 
Matthews (2005) developed the RCM as a “broad organizing framework” to explain health 
disparities among ethnic minority populations via associations between low SES-related stress, 
psychosocial variables, and health outcomes (p. 783). Importantly, Matthews posited that the 
RCM provides a sound framework in which to study psychosocial mediators. According to the 
RCM, low socioeconomic status can impact health outcomes directly as well as indirectly via 
influences and interactions with stressors, reserve capacities, emotional and cognitive factors, 
and intermediate behaviors (Matthews, 2005). Matthews also postulated that low SES could 
frequently incur numerous chronic stressors, which can, over time, thwart one’s reserve 
capacities—or personal resources that could buffer stress.  
The majority of researchers that have utilized the RCM with samples of African 
American women have primarily focused on the involvement of stress and psychosocial 
processes with regard to cardiovascular risk and the development of coronary heart disease 
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(Bennett, Buchanan, Jones, & Spertus, 2014; Everson-Rose et al., 2006; Gebreab et al., 2012; 
Ghaed & Gallo, 2007; Myers, 2009). I will dicuss this literature in more detail in Chapter 2. Few 
scholars have utilized Matthews’s (2005) RCM to explain processes related to diabetes self-
management practices. To date, no researchers have explored food insecurity, a euphemism for 
low SES as well as stress, which can wear down one’s buffering abilities, through the RCM; 
however, food insecurity can result in poor emotional and cognitive functioning and even poor 
health outcomes (Matthews & Gallo, 2011). In addition, researchers have identified depression 
as an emotional factor that can lead to poor health management behaviors (Matthews & Gallo, 
2011; Zahodne et al., 2014). The dependent variable of diabetes self-management practices 
represents the health outcomes factor.  
The theory tested in this study was Matthews’s (2005) RCM, a health disparity theory 
that posits that stress resulting from poverty and stress-related emotions and cognitions, such as 
those that result from depression, can directly influence health and health behaviors. I utilized a 
theoretically valid sample of African American older adult women of low-income status. The 
first and second research questions were aligned to address the direct associations posited by the 
RCM by examining if the independent variables of food insecurity, an indicator of poverty, and 
depression, a stress-related emotional and cognitive state, are significantly associated with the 
dependent variable of diabetes self-management practices, a health behavior. I structured the 
third research question to test the indirect associations postulated in the RCM, by assessing if 
food insecurity, an indicator of poverty, was significantly associated with depression, treated as a 
mediator, which significantly influences diabetes self-management practices. In general, the 
unique aspect of this study was determining whether depression was more theoretically sound as 
a direct predictor of diabetes self-management practices (along with food insecurity) or as a 
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mediator between food insecurity and diabetes self-management practices. As obesity has been 
consistently associated with the development of Type 2 diabetes, depression, and diabetes self-
management, and can theoretically represent a health behavior outcome, it will be controlled for 
as a covariate. I used 2013 archival data from the BRFSS dataset. I performed advance statistical 
analyses, specifically hierarchical linear regression methods that involve mediation, to 
specifically explore the relationships posited in Matthews’s (2005) RCM.  
Nature of the Study  
In this quantitative study, I utilized a correlational research design guided by the scientific 
method (Bowling, 2014). A quantitative approach was appropriate for this study because (a) 
research hypotheses have been posed; (b) data were numerical and came from self-report surveys 
shown to be valid and reliable; and (c) hypothesis testing entailed the use of inferential 
parametric statistics (Bowling, 2014). The research design was correlational, as I examined 
associations between naturally occurring variables (Bowling, 2014). The correlational research 
design was distinctly different from correlational statistics; the correlational research design 
refers to studies that examine relationships between variables, often complex relationships such a 
mediating and moderating effects (Bowling, 2014). Complex correlational research designs often 
utilize hierarchical linear regression analyses for hypothesis testing, which I used in this study, as 
described in greater depth in Chapter 3.   
Unique to this study, I used a theoretically appropriate group (African American older 
adult females with Type 2 diabetes) to test Matthews’s (2005) RCM. Within this group of 
participants, I measured food insecurity, the independent variable, via the BRFSS indicator of 
household food insecurity, “How often in the past 12 months would you say you were worried 
and stressed about having enough money to buy nutritious meals?”  I measured the independent 
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and mediating variable of depression using the BRFSS PDS. The dependent variable in this 
study was diabetes self-management practices, which I measured using the BRFSS DSMS scale. 
Because obesity has been consistently associated with the development of Type 2 diabetes, 
depression, and diabetes self-management (Allison et al., 2014; Gucciardi et al., 2013; Kerr et 
al., 2007; Zulman et al., 2012), I controlled for obesity as a covariate. BMI was the measure of 
overweight/obesity. I structured the research questions so that hierarchical linear regression 
(HLR) analyses, using SPSS 23.0 complex sampling techniques, are the most appropriate 
statistics. I conducted mediation for regression following the recommendations of Baron and 
Kenny (1986) and in accordance with complex sampling techniques outlined by the CDC 
(2014a).  
Definitions 
Depression. Depression is a medical illness that negatively influences individuals’ 
emotional, physical, and cognitive states. The primary symptoms of depression are feelings of 
extreme sadness and marked loss of interest in activities (APA, 2014).  
Diabetes self-management. These include self-care behaviors (e.g., regular exercise, daily 
glucose monitoring, checking feet for sores or irritations, and having had diabetes self-
management education) that help to manage diabetes, reduce the physical and psychological 
effects of Type 2 diabetes, and can ultimately improve quality of life (Chen et al., 2014; Sharma, 
2017).  
Food insecurity. The United States Department of Agriculture (2014) defined food 
insecurity as the “limited or uncertain availability of nutritionally adequate and safe foods or 
limited ability to acquire acceptable foods in socially acceptable ways” (para. 3). 
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Low-income. The federal government has defined this condition as being below 200% of 
the official poverty threshold, as indicated by an annual household income of less than $25,000 
for a family of four (Roberts et al., 2014).  
Overweight/Obesity. The CDC (2014b) defined obesity as having a BMI that is 25 kg/m2 
or greater. BMI is calculated by weight/height x 703. The BRFSS uses BMI as an indicator of 
overweight/obesity (CDC, 2014b). 
Assumptions 
I utilized 2015 BRFSS archival data in this study.  These data are in the public domain. 
The lack of my involvement in data collection enhanced my ability to maintain objectivity. 
Furthermore, I established a priori hypotheses in accordance with the scientific method. The 
study required the use of advanced statistical analyses (i.e., hierarchical linear regression) to 
draw more objective conclusions, as opposed to interviews or focus groups, which might 
increase subjectivity on the part of the investigator (Bowling, 2014). 
 Methodological assumptions typically apply to recruitment and data collection processes 
(Bowling, 2014). One methodological assumption was that the sample of low-income African 
American older adult females in the BRFSS was representative of the population. The BRFSS 
study designers utilized a multi-stage probability sample, which increased the likelihood that the 
sample was representative of the population (CDC, 2014a). As such, generalizations can be made 
about the population of African American older adult females in America. Another 
methodological assumption was that participants answered truthfully and honestly on survey 
questions. While BRFSS data are self-reported, the data are comprehensively reviewed, 
analyzed, and adjusted for unusual responses, and data are weighted to represent the population 
of adults, ages 50 and older, in America (CDC, 2014a). Based on the complex procedures 
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involved in data collection and cleaning, it was likely that untruthful responses were controlled 
for and the data removed from the dataset. Another methodological assumption was that 
participants gave informed consent. The BRFSS website provides documentation of the IRB and 
informed consent procedures and memoranda that no individual identifiers are revealed and that 
the data have been purged of any identifying information. 
Scope and Delimitations 
The study was limited to low-income African American females, ages 50 and older, with 
Type 2 diabetes as collected in the BRFSS dataset. I used data from 2014, the most recent data, 
in this study. I selected the participants based on low-income status or below 200% of the office 
poverty threshold, indicated by an annual household income of less than $25,000 (Roberts et al., 
2014). I chose this specific sample due to (a) the high rates of Type 2 diabetes, food insecurity, 
depression, and obesity observed in this group; (b) the relevance of this sample to the scope of 
Matthews’s (2005) reserve capacity model (RCM); and (c) the increasing emphasis on the 
development of health interventions for elderly populations in America (Kaiser Family 
Foundation, 2012). This study was also limited to self-reported data obtained from the HRS, 
which precludes the use of an experimental research design and allows only for the testing of 
associations between study variables. The use of a probability sample did allow for the 
generalizability of results to other samples of African American females ages 50 and older with 
Type 2 diabetes. Results, however, cannot be generalized to non-African American females or 
males ages 50 and older, with Type 2 diabetes, nor to African American females who do not 
have Type 2 diabetes. 
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Limitations 
Some study limitations can be observed in the measurement of variables and data 
analysis. For example, the BRFSS measure of food insecurity was a single item. The BRFSS 
instruments are annually reviewed by a group of researchers to ensure measurement validity and 
reliability (CDC, 2014b), and the reliability and validity of the BRFSS measures have most 
recently been supported by a systematic review of the research that used BRFSS data by 
Peirannunzi, Hu, and Balluz (2013). Thus, while I was limited to the BRFSS instruments, there is 
a documented history that the instruments are valid and reliable (CDC, 2014b). To account for 
this limitation, I tested the inter-item reliability of the scaled instruments of depression and 
diabetes self-management practices by calculating Cronbach’s alphas. A final limitation was the 
use of a quantitative correlational research design: as the design was not experimental, cause-
and-effect cannot be determined (Bowling, 2014).  
Significance 
There are numerous contributions the study might make to the existing public health 
research on African American health disparities, food insecurity, depression, and diabetes self-
management practices. Researchers studying African American health disparities have tended to 
focus on the general adult African American population (Bhattarcharya, 2012), with little 
attention given to low-income African American older adult females. The results of this study 
may increase awareness of food insecurity, depression, and diabetes self-management practices 
within this high-risk population. While obesity was a covariate in this study, results might also 
increase awareness of obesity rates among African American older adult females (Allison et al., 
2014; Wilson et al., 2012). Moreover, controlling for obesity may result in a better understanding 
of the relationships between food insecurity, depression, and diabetes self-management practices 
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(Franklin et al., 2012; Ivers & Cullen, 2011). The increased awareness of these issues can lead to 
culturally congruent health interventions for low-income older adult African American females 
aimed at decreasing rates of Type 2 diabetes and depression and enhancing diabetes self-
management practices (Jack et al., 2012). The increased awareness of these issues might also 
lead to culturally congruent health interventions for low-income older adult African American 
females that might address the issue of food insecurity among this population. It may also 
increase awareness of issues that have policy implications, especially as they relate to services 
provided by Medicaid, which has developed initiatives for the management of Type 2 diabetes 
among individuals over 65 (Kaiser Family Foundation, 2012). The development of such 
programs and initiatives can ultimately lead to the reduction of healthcare costs for the treatment 
of diabetes, which increased from $174 billion in 2007 to $245 billion in 2012 (ADA, 2014; 
NDEP, 2015). 
Summary 
The purpose of this chapter was to introduce and elaborate upon the study topic and 
premise, including the research questions and hypotheses, the research design, and the 
conceptual framework. The increase in the self-management of Type diabetes promotes positive 
social change in the quality of care and the reduction in health care costs. A daily regimen of 
education and support provide the essentials of managing Type 2 diabetes (Power et al., 2015). 
Hence, it is critical to aid individuals diagnosed with diabetes and prevent additional health 
problems associated with the disease. The guiding conceptual model and relevant literature are 
further discussed in Chapter 2. 
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Chapter 2: Literature Review 
In Chapter 2, the review of current literature, I will present an exhaustive overview of the 
literature related to Type 2 diabetes and health-related problems in low-income older adult 
African American females. This chapter is divided into six sub-sections. In the first sub-section, I 
will describe the search strategy used to cull the needed peer-reviewed journal articles. The 
second sub-section covers the Reserve Capacity Model that guides this research. In the third sub-
section, I will provide the underpinnings for Type 2 diabetes self-management practices. The 
fourth, fifth, and sixth sub-sections include the review of literature regarding the relationships 
between Type 2 diabetes self-management and depression, food insecurity, and obesity, 
respectively.  
In comparison to their low-income White peers, African American women are likelier to 
have more diabetes complications, and these complications are likely to be more severe (Blaum 
et al., 2010; Gucciardi et al., 2014; Kerr et al., 2007; Ma et al., 2013). African American women 
are three times more likely than White females aged 50 or older to develop the diabetes-related 
health complications of retinopathy, peripheral neuropathy, and renal failure (American 
Psychological Association [APA], 2015). African American women are also more likely to 
develop geriatric syndromes, including chronic pain and urinary incontinence, in comparison to 
their peers (Feil et al., 2012; Jack et al., 2012; Wilson et al., 2012; Zulman et al., 2012). They are 
also at greater risk than their White and Asian peers of developing diabetes-related dementia 
(Karter et al., 2015). These trends illustrate that Black women face more formidable challenges 
related to Type 2 diabetes than the rest of the population. 
In general, beyond facing more severe complications, African Americans are also at 
significant risk for poor management of Type 2 diabetes (NDEP, 2015). This risk increases for 
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African American women who are age 50 or older, live in poverty, are food-insecure, and have 
depression (Bengle et al., 2010; Cutrona et al., 2014; Rovner, Castin, & Harris, 2013; Seligman 
et al., 2010, 2012). Older adult African American women with Type 2 diabetes are also likely to 
be obese, a condition associated with elevated levels of depression, food insecurity, and poor 
management of Type 2 diabetes (Allison et al., 2014; Drong et al., 2012; Kulie et al., 2011). Self-
management for diabetes is a critical element of self-care and is characterized by behavior aimed 
at reducing the physical and psychological effects of Type 2 diabetes and improving quality of 
life (Gucciardi et al., 2011, 2012, 2014; Sharma, 2017). The most common self-management 
practices examined in the literature are glycemic control and medication adherence (Nguyen et 
al., 2013); other practices include engaging in a regular fitness/exercise schedule, following a 
diabetic meal plan, and following healthy foot care practices (NDEP, 2015).  
Women who are older are also more at risk than their male peers for developing health 
problems associated with Type 2 diabetes (Jack et al., 2012; Wilson et al., 2012). While African 
American females age 65 can expect to live another 15 years, those with Type 2 diabetes are 
likely to have a poor quality of life during these remaining years (Kulie et al., 2011; United 
States Administration on Aging [USAA], 2014). Neglecting to consistently engage in self-care 
practices to manage Type 2 diabetes, which can potentially alleviate or prevent health problems 
associated with this disease, can ultimately increase healthcare costs for the individual and 
society as a whole (Myers, 2009). The health, quality of life, and financial concerns for this 
demographic created the impetus for this study. To this end, the results of this research should 
contribute to the body of literature on health disparities of African Americans: physical, mental, 
and behavioral. The study had two goals: to learn whether food insecurity and depression are 
significantly related to Type 2 diabetes self-management practices and to determine if depression 
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mediates between food insecurity and diabetes self-management practices of this group, 
controlling for obesity. In this study, I utilized the most recent archival data from the 2014 
Behavioral Risk Factor Surveillance System (BRFSS). I chose this dataset because it utilized a 
national sample of African American women aged 50 or older with Type 2 diabetes who live in 
poverty, and it contained items that measure diabetes self-management practices, obesity, 
depression, and food insecurity.  
Literature Search Strategy 
The literature search for this study centered on peer-reviewed journal articles in the fields 
of gerontology, healthcare, public health, epidemiology, sociology, and psychology. I first 
limited the search to studies published between 2011 and 2015. However, there were few 
available studies published on the selected population during this period. Therefore, the time 
period was expanded to include research published between 2008 and 2015. The search for 
articles initiated with the use of two web portals, ProQuest and EbscoHost, and the databases 
contained in each. The primary ProQuest databases used were Nursing and Allied Health 
Sources, Health Management, and Research Library: Health & Medicine. The primary 
EbscoHost databases that I utilized for the review and selection of peer-reviewed articles were 
MEDLINE, PsycARTICLES, PsychINFO, and SocINDEX. I also retrieved numerous peer-
reviewed journal articles using the Google Scholar search engine.  
The search for relevant peer-reviewed articles involved entering individual and 
combinations of terms relevant to the current study. I entered numerous combinations of the 
following terms: gerontology, biodemography, cultural psychology, older adults, chronic 
disease, African American females ages 50 and older, women’s’ health, poverty, low-income 
status, low socioeconomic status, Type 2 diabetes, diabetes mellitus, diabetes self-management 
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practices, evidence-based diabetes self-management interventions, diabetes health 
complications, glycemic control, metabolic control, diabetes medication nonadherence, physical 
activity, cultural congruence, quality of life, food, food insecurity, depression, dysthymia, clinical 
depression, internalizing symptoms, mental health, physical health, obesity, overweight, 
comorbidity of overweight/obesity with Type 2 diabetes, health disparities, older adult women of 
color, and Behavioral Risk Factor Surveillance System (BRFSS).  
Searching the literature was an iterative process. The initial search yielded a total of 112 
peer-reviewed research article records. The initial search did not find any additional records 
outside of peer-reviewed journals. Of these 112 articles, six were duplicates. Of the remaining 
articles, 20 were not appropriate for the following four reasons: 
1. They were empirical studies (n = 9) conducted with samples not relevant to the current 
study (e.g., young women, men, not African American, not a low SES sample, without 
Type 2 diabetes). 
2. They were evaluation studies (n = 7) testing the efficacy of interventions for individuals 
with or at risk for developing Type 2 diabetes.  
3. They were research studies (n = 3) conducted outside of the United States.  
4. One was a commentary on published literature.  
I organized the remaining 86 full-text articles for potential inclusion by topic (i.e., 
depression, food insecurity, obesity, and associations between these constructs and Type 2 
diabetes management practices). I excluded two studies on Type diabetes self-management 
practices among young adult African American women who were pregnant; pregnant woman 
may experience adverse consequences. A total of 84 studies were relevant for inclusion in the 
literature review.  
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Conceptual Framework 
 In the following section, I will highlight the conceptual component that constitutes the 
framework for the current study. I selected Matthews’s reserve capacity model to guide this 
research. This section provides a general overview of the reserve capacity model and allocates 
specific attention to its role in health outcome research and intervening factors in health 
outcomes including stressors, reserve capabilities, emotions and cognitions, and physiological 
intermediaries.  
Reserve Capacity Model 
Matthews’s (2005) reserve capacity model (RCM) guided this study because it is one of 
few to provide specific pathways as to how low SES influences the stress activation process and 
reduces coping mechanisms (or reserve capacities) that would, in turn, impact health outcomes 
(Liu, 2013). The RCM (see Appendix A) is a complex health outcome model linking 
psychobiological pathways between low socioeconomic status (SES) and health outcomes 
(Matthews, 2005). SES can impact health outcomes directly as well as indirectly via influences 
and interactions with stressors, reserve capacities, emotional and cognitive factors, and 
intermediate behaviors (Matthews & Gallo, 2011). Matthews (2005) argued that the empirical 
testing of the RCM should meet three conditions: (a) SES should be related to at least one of the 
mediating variables; (b) the mediating variable should be directly linked to the heath outcome 
variable; and (c) when entering the mediating factor into a statistical model, the linkage between 
SES and the health outcome should be reduced. 
Matthews and Gallo (2011) postulated that low SES could frequently incur numerous 
chronic stressors, which can, over time, thwart one’s reserve capacities--or personal resources 
“that can otherwise buffer stress” (p. 388). Chronic stress due to low SES factors can wear down 
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one’s buffering abilities, which can result in poor emotional and cognitive functioning and poor 
health outcomes (Matthews & Gallo, 2011). Researchers have identified depression as a primary 
intrapersonal reserve capacity factor that can lead to decreased health behavior, including health 
management behavior (Matthews & Gallo, 2011; Zahodne et al., 2014).  
The Role of Health Outcomes in the RCM 
Gallo, Cooper-Patrick, and Lesikar (1998) proposed that the RCM represented a model of 
health disparities “and the pathways that maintain and reinforce them” (p. 4). As the intended use 
of the RCM was to understand disparities in health outcomes, the health outcome construct was 
intentionally broad to allow for the examination of numerous outcomes (Matthews, 2005; 
Matthews & Gallo, 2011). Health outcomes included mortality and morbidity and most studies 
guided by the RCM have utilized these two types of health outcomes (Matthews et al., 2011). In 
the Matthews et al. (2010) review of the RCM literature, the authors selected mortality as the 
health outcome under examination in slightly less than a quarter (five or 23.8%) of the 21 
studies. Of the remaining 16 studies that examined morbidity, cardiovascular disease was the 
health outcome in slightly over half of them. Metabolic syndrome was the health outcome for 
five studies. Other health outcomes relevant to the RCM are perceived health and health quality 
of life, unhealthy behaviors and health problems, and health practices related to a chronic health 
condition (Matthews & Gallo, 2011). Researchers have yet to use RCM to examine the 
relationship between depression, food insecurity, and diabetes.  
 
Intervening Factors of the RCM 
The RCM is one of few mediational models that utilize SES as the independent variable 
leading to both psychological and physiological factors (Matthews, 2005). The intervening 
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factors between SES and health outcomes are (a) stress, (b) reserve capacities, (c) emotional and 
cognitive factors, and (d) physiological intermediaries (Matthews, 2005). While the RCM is 
constructed so that the intervening factors are either present or absent, the core assumption of the 
RCM is that low SES leads to increased levels of stress, a reduced number of reserve capacities, 
negative emotions (e.g., depression, anxiety, hostility), negative cognition (rumination, self-
blame), and increased physical and physiological strain and damage. All theoretical constructs 
were informed by prior theory and research, except reserve capacities. The RCM constructs are 
presented in Table 1 and discussed in the following sections.  
Table 1 
Reserve Capacity Model Constructs (RCM; Matthews, 2005) 
 
RCM construct 
Matthews’s (2005) 
definitions 
Direct links 
(from) 
Direct links 
(to) 
Stressors Threatening, negative or 
demanding experiences  
 SES 
 
Reserve capacities 
Emotions/Cognitions 
Physiological 
intermediaries 
Reserve capacities Tangible, interpersonal, 
and intrapersonal 
resources  
SES Stressors 
Emotions/Cognitions 
Physiological 
intermediaries 
Emotions and 
cognitions 
Psychological and 
cognitive states of mind 
Stressors 
Reserve capacities 
 
Physiological 
intermediaries 
Physiological 
intermediaries 
Precursors to poor or 
good health 
 
Stressors 
Reserve capacities 
Emotions/cognitions  
Health outcomes 
 
Stressors. Stress, according to the RCM model, primarily pertains to the increased 
likelihood of experiencing threatening events--being exposed to stressors (Matthews, 2005). The 
presence/absence of stressors can be defined in numerous ways, as negative versus positive life 
events; lack of/presence of chronic or acute experiences; and increased rather than reduced 
demands or strains (Matthews, 2005).  
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Reserve capacities. Reserve capacities are resources or “generic protective influence(s),” 
which are influenced by low SES and the presence of stressors (Gallo et al., 1998, p. 388). There 
are three types of reserve capacities: (a) tangible, (b) interpersonal, and (c) intrapersonal 
(Matthews et al., 2008). Tangible research capacities include resources needed to function such 
as financial support, food, shelter, and clothing (Gallo et al., 1998; Matthews et al., 2008). 
Interpersonal reserve capacities pertain to social resources, most frequently as social support 
(Matthews et al., 2008). Intrapersonal reserve capacities coping mechanisms as well as 
intrapsychic factors related to adaptive coping, such as resilience, mastery, optimism, and self-
esteem, and self-efficacy (Matthews et al., 2008). As reserve capacities “represent a resource (or 
lack thereof),” they can be operationalized as being present (social support) or absent (social 
conflict; Gallo et al., 1998; Matthews et al., 2005). 
 Emotions and cognitions. In the RCM, Matthews (2005) did not identify specific 
emotions and cognitions, as the importance of these variables in the model were as outcomes of 
low SES. According to Matthews, individuals’ psychological and cognitive states of mind are 
influenced by low SES both directly and indirectly, through increased stressors and reduced 
reserve capacities (Matthews, 2005). Specifically, low SES can result in exposure to a higher 
number of stressors and the loss of tangle, interpersonal, and intrapersonal resources, which can 
lead to negative emotions (e.g., depression, anger, anxiety) and cognitions (e.g., schemas, 
attributions; Matthews, 2005).  
 Physiological intermediaries. The RCM depicts physiological intermediaries as changes 
in homeostasis and/or physical functioning that elevate the likelihood of negative health 
outcomes; they are the precursors to poor health (Matthews, 2005). Physiological intermediaries 
include changes in behavior, activity levels, mood, diet, physical activity, sleep, and immune and 
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metabolic functioning (Matthews, 2005). Matthews argued that low SES influences these 
physical and physiological changes indirectly, through elevated levels of stress and reduced 
reserve capacities. Stressors and reduced reserved capacities influence physical and 
physiological intermediaries directly and indirectly, by leading to negative emotions and 
cognitions, and directly led to health outcomes (Matthews, 2005). 
Literature Review Related to Key Variables  
 A range of studies have been completed on the key variables of this research. In the 
following section, I will review pertinent areas of this research as they pertain to these variables. 
To begin, I will explore the reserve capacity model in greater depth and present its application in 
this study. Next, I will review influentiial research on the self-management of Type 2 diabetes, 
depression, food insecurity, and obesity.  
Reserve Capacity Model 
The most comprehensive body of work to date on the RCM has been the review 
performed by Matthews et al. (2008) of 21 studies that utilized the RCM. The health outcomes 
examined in nine of the studies varied. In four of these studies, the outcome was mortality, three 
had as an outcome metabolic disease, and two examined cardiovascular disease outcomes such 
as stroke and coronary artery disease (Matthews et al., 2008). The reviewed researchers 
measured stress was as either life events or perceived stress in seven; of the remaining two, one 
utilized five measures of stress, and the other study assessed childhood stress recalled by adults 
(Matthews et al., 2008). Researchers in nine studies measured SES as annual household income 
and/or education level (Matthews et al., 2008).  
Results from five studies showed that stress did not significantly mediate the relationship 
between low SES and health outcomes, while four showed significance (Matthews et al., 2008). 
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Three also showed no significant linkages between low SES and health outcomes (Matthews et 
al., 2008). Results from the study by Gallo et al. (1998) showed a significant relationship 
between high SES and coronary artery disease. High SES was also significantly associated with 
increased levels of stress, depression, and anxiety in the Gallo et al. study. Although results 
showed that depression and anxiety mediated between high SES and increased risk of coronary 
artery diseases, stress did not have the same effect (Gallo et al., 1998). In general, it was difficult 
to draw clear conclusions from the Gallo et al. study, as the participants were all women. While 
they were age 67 and older—similar to the participants in the current study—90% were White. 
Moreover, the researchers measured SES by education level and not income, which suggested 
that education rather than SES was the factor related to coronary artery disease, stress, 
depression, and anxiety.  
 The 12 studies of additional intervening factors as potential mediators between SES and 
health outcomes operationalized the intervening factors in a variety of ways such as aggregate 
negative emotions, anxiety, and hostility. The researchers of eight studies assessed the 
mediational effects of depression or the control of depression between SES and health outcomes 
(Matthews et al., 2008). Health outcomes greatly varied across studies, but researchers in seven 
did examine a type of cardiovascular disease (Matthews et al., 2008). Of the remaining five 
studies, two examined metabolic syndrome as the health outcome; vulnerability to infectious 
disease was the health outcome in one study; self-reported chronic health problems were the 
outcomes in another, and mortality in the last (Matthews et al., 2008). Similar to the nine studies 
that assessed only the mediating effects of stress between SES and health outcomes, SES was 
most commonly operationalized as education or income level. Results from the 12 studies were 
equivocal, as three showed no mediation effects, regardless of how the intervening variable was 
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operationally defined. In a study by Nabi et al. (2008), hostility mediated between SES and 
mortality for men but not for women. Depression did mediate between SES and health outcomes, 
but only when SES was assessed as the level of education. Overall, the literature did not provide 
substantial support for Matthews’s (2005) RCM. 
In light of the above research, I employed the RCM in the current study in novel ways 
(See Figure 1). Type 2 diabetes was the health condition, one that has not been comprehensively 
addressed in RCM literature. The independent variable of food insecurity, a lack of a resource, 
acted as a reserve capacity factor (Matthews, 2005). The covariate of obesity as a stressor that 
was directly influenced by food insecurity also supported the RCM literature (Matthews, 2005). 
Depression was a negative emotional and cognitive state, an individual factor known to 
adversely influence Type 2 diabetes self-management practices (Franklin et al., 2012; Ivers & 
Cullen, 2011). I utilized Type 2 diabetes self-management behavior, the dependent variable, as 
the health behavior intermediary factor; in accordance with the RCM (Matthews, 2005), an 
intermediary factor connects stressors, reserve capacities, and negative emotional/cognitive 
states to the health outcomes of morbidity and mortality. The inclusion of African American 
women who were low income and have Type 2 diabetes allows for the inclusion of the SES 
factor and the health outcomes factor without having to use measurements of these constructs. 
 
 
 
 
 
 
Type 2 
Diabetes 
Health 
Outcomes 
Emotional state: 
Depression 
Presence of stressor: 
Obesity (Covariate) 
Low    
SES 
Absence of tangible 
resources:             
Food Insecurity 
 
Health 
Behavior 
Intermediary: 
Diabetes Self-
Management 
Practices 
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Figure 1. Application of Matthews’s (2005) reserve capacity model (RCM). 
Type 2 Diabetes Self-Management Practices 
Scholars have shown that African American women, especially those older than 50, tend 
to have poor diabetes self-management skills in compared to their same-age counterparts 
(Cutrona et al., 2014; Hewitt et al., 2011; Wilson et al., 2012). Poor self-management of Type 2 
diabetes, most common among low-income African American older adult women, is influenced 
by numerous factors (Cutrona et al., 2014; Gucciardi et al., 2009, 2013, 2014). African American 
older adult females tend to have less confidence in their ability to follow their diabetes 
medication regimens (Jack et al., 2012; Rovner et al., 2013) or are skeptical of the efficacy and 
safety of diabetes medication (Lynch, Fernandez, Lighthouse, Mendenhall, & Jacobs, 2012). 
Further, this population is likely to perceive diabetes self-management practices as “culturally 
irrelevant and impractical,” and may be wary and distrustful of the formal medical system 
(Bhattacharya, 2012, p. 161). Other factors—namely, depression, food insecurity, and obesity—
have also been associated with poor self-management of Type 2 diabetes, with significant 
associations seen among samples of ethnically diverse men and women.  
Depression and Type 2 Diabetes Self-Management Practices 
Results of studies conducted in the early 2010s have contradicted some results found in 
earlier studies (Dunlop, Song, Lyons, Manheim, & Change, 2003; Gallo et al., 1998) that 
documented higher rates of depression in White rather than African American female elders. 
Spence, Adkins, and Dupre (2013) examined aging and depression longitudinally in a nationally 
representative sample from a federal dataset of over 3,000 African American and Caucasian 
women between the ages of 52 and 81. African American women reported higher rates of 
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depression symptoms than did White women, and depression rates of African American 
women—but not White women—substantially increased from “middle to later life” (Spence et 
al., 2013, p. 449). Mair (2009) analyzed data from the Health and Retirement Study, utilizing a 
nationally representative sample of over 8,000 White and African American males and females 
age 60 and older. Results from Mair’s study showed that African American women had 
significantly higher levels of depression symptomatology compared with White older adult 
males and females and African American males (Mair, 2009).  
Results from the study by Tsenkova et al. (2012) documented that 20% of African 
American female elders as compared to 12% of White female elders with Type 2 diabetes 
reported clinical levels of depression. Holden, Bradford, Hall, and Belton (2013) reported that 
17% of the 290 older adult African American women with chronic health problems in their study 
met clinical criteria for major depression. This increase of depression rates has led to one 
researcher to posit that African American female elders face “double jeopardy” of having both 
Type 2 diabetes and clinical depression (Nguyen et al., 2013, p. 105).  
Researchers have consistently documented depression as an individual factor for poor 
self-management practices for diabetes, especially among older adults of color (Kim et al., 2012; 
Shim et al., 2013; Rovner et al., 2013). In a seminal study by Rovner et al. (2013) conducted 
with a sample of predominantly African American older adult women with Type 2 diabetes, 92% 
of the participants who met criteria for depression were female. Moreover, higher levels of 
depression were significantly associated with higher levels of perceived health risk but lower 
levels of adherence to diabetes self-management practices, as well as lower levels of feelings of 
personal control over their diabetes (Rovner et al., 2013). Results from the Rovner et al. study 
suggested that African American older adult women with Type 2 diabetes with depression see 
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themselves at risk for additional health problems but do not believe they have the ability, 
efficacy, and control to engage in health practices that could decrease their health complications. 
Poor self-management practices can stem from functional impairments resulting from 
depression (Chlebowy, Hood, & LaJoie, 2013; Rovner et al., 2013; Shim et al., 2013). In a study 
of over 500 African American women, Shim et al. (2013) found that those with depression and 
Type 2 diabetes showed significant functional impairments. That is, they had reduced levels of 
physical functioning, poor overall health, and increased body pain; these symptoms, in turn, 
negatively affected their self-management practices for diabetes (Shim et al., 2013). These 
results align with Matthews’s (2005) RCM. Evidence from other studies supported the RCM by 
documenting that stressors can exacerbate depression levels, which in turn can lead to poor 
diabetes self-management practices (Franklin et al., 2012; Ivers & Cullen, 2011). Clinical 
depression has also been associated with decreased medication adherence and poor glycemic 
control (Lamers, Jonkers, Bosma, Knotterus, & van Eijk, 2011; Papelbaum et al., 2011). Clinical 
depression also plays a role in neuroendocrine dysregulation, which can lead to irregular and 
hard-to-control glucose levels (Rovner et al., 2013).  
The decision to use depression as a mediating variable stemmed from evidence from 
numerous studies (Billimek & Sorkin, 2012; Chlebowy et al., 2013; Musselman et al., 2014; 
Quirk et al., 2013) that examined depression in mediational analyses. In alignment with the RCM 
(Matthews, 2005), studies have shown that depression can result in poor coping mechanisms—
intrapersonal reserve capacities—which are then associated with poor Type 2 diabetes self-
management practices (Hunn & Craig, 2009; Liu, 2013; Rees, Karter, & Young, 2010). Some 
scholars have suggested that financial insecurity and lack of family support can lead to increased 
depression and negative outlooks on life, factors that can lead to a perceived inability to control 
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Type 2 diabetes and reduced medication adherence (Billimek & Sorkin, 2012; Chlebowy et al., 
2013). Depression has also been shown to influence poor self-management practices among 
African American older adult women by decreasing their overall hygiene and self-care practices 
(Musselman et al., 2014; Quirk et al., 2013). That is, studies conducted with older adult African 
American women have shown that higher rates of depression can lead to functional impairments 
that, in turn, can lead to impaired glycemic control (Musselman et al., 2012) and failure to adhere 
to a diet recommended for diabetics (Quirk et al., 2013). Depression has also been shown to 
impair cognition and memory among African American women, and this impairment can 
negatively influence insulin testing, medication, and eating schedules (Feil et al., 2012; 
Musselman et al., 2014). 
Culture may also play a role in depression mediational processes among older African 
American women, who may be more prone to developing depression due to the cultural aspects 
of the role the mother as matriarch plays in the African American community (Gucciardi et al., 
2013; Strings, 2015). Providing a cultural context for both depression and diabetes self-
management practices was the focus of a longitudinal qualitative study by Carthorn, Bailey, and 
Anderson (2015) conducted with six African American women aged 55 and older with Type 2 
diabetes. The results described the contents of five interviews conducted over 18 months with 
those six African American grandmothers (Carthorn et al., 2015). The results showed that 
barriers led to both depression and poor self-management practices among these women 
(Carthorn et al., 2015). Depression emerged in the form of “self-silencing and self-sacrifice” that 
were seen as features of a strong matriarch (Carthorn et al., 2015, para. 37). The first barrier to 
successful  self-management of diabetes reported by these women was having a sense of 
obligation to provide emotional, social, and financial support to the family, including “adult 
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children and estranged spouses,” as well as having community and church obligations to fulfill 
(Carthorn et al., 2015, para. 30). These obligations were so overwhelming some women reported 
that they were often too exhausted, busy, or overwhelmed with stress to follow self-management 
practices such as taking their blood sugar count (Carthorn et al., 2015).  
Another barrier to self-management practices that can lead to depression is family 
upheaval, such as the women’s adult children returning to live with them after being released 
from prison (four of six) or taking over the care of their grandchildren (three of the six) 
(Carthorn et al., 2015). The third barrier was difficulty meeting basic needs. These needs were 
primarily financial, with results supporting the literature on the links between food insecurity and 
poor Type 2 diabetes self-management practices (Carthorn et al., 2015). Low-income African 
American older adult females face triple jeopardy, as they may have not only high rates of Type 
2 diabetes and clinical depression but food insecurity as well (Carthorn et al., 2015). 
Food Insecurity and Type 2 Diabetes Self-Management Practices 
Researchers on health disparities have examined contextual and individual factors of the 
ethnic differences observed in diabetes self-management practices (Cutrona et al., 2014; Franklin 
et al., 2012; Gucciardi et al., 2014; Hewitt et al., 2011; Jack et al., 2012; Quirk et al., 2013; 
Tsenkova et al., 2012; Zahodne et al., 2014). A primary contextual factor is food insecurity. The 
USDA (2014) defined food insecurity as the “limited or uncertain availability of nutritionally 
adequate and safe foods or limited ability to acquire acceptable foods in socially acceptable 
ways” (para. 3). Food insecurity may also play a role in ethnic differences in diabetes self-
management practices because it often reflects low socioeconomic status. Low socioeconomic 
status is a factor that has been consistently linked to poor self-management of diabetes in older 
adult African American women (Cutrona et al., 2014; Jack et al., 2012; Quirk et al., 2013). 
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Researchers have documented that this relationship is considerably stronger for African 
American women than it is for men (Nguyen et al., 2013; Skelly, Carlson, Leeman, Soward, & 
Burns, 2009). Food insecurity alters eating behaviors in numerous ways, including (a) skipping 
meals; (b) eating the same low-cost foods, many of which are calorie dense and nutrient poor; (c) 
eating smaller portions; and (d) binge eating when food is available (Franklin et al., 2012; Laraia, 
2013; Seligman et al., 2010, 2012).  
There is also a strong association between food insecurity and the accumulation of 
visceral fat, obesity, and chronic health conditions, including Type 2 diabetes, among elderly 
African American women (Ivers & Cullen, 2011; Laraia, 2013; Lawrence & Knol, 2012; 
Seligman et al., 2010, 2012). Between 10% and 46% of African American females ages 50 and 
older are food-insecure (Seligman et al., 2012; USDA, 2014), a factor that increases the 
propensity for Type 2 diabetes and creates challenges in the self-management of diabetes 
(Billimek & Sorkin, 2012; Gucciardi et al., 2014; Hewitt et al., 2011; Rovner et al., 2013). 
Seligman et al. (2012) found that 46% of the 711 African American and Hispanic low-income 
older adults with Type 2 diabetes in his study were food insecure.  
Prior researchers (Laraia, 2013; Seligman et al., 2012) have posited that food insecurity 
influences Type 2 diabetes self-management practices directly and indirectly, through elevated 
levels of depression. While no scholars have examined the mediational role of depression 
between food insecurity and Type 2 diabetes self-management practices in African American 
older adult females living in poverty, some researchers have linked food insecurity to poor Type 
2 diabetes self-management practices among older African American adults in poverty (Franklin 
et al., 2012; Laraia, 2013; Seligman et al., 2012). Food insecurity has also been associated with 
poor adherence to blood glucose monitoring (Franklin et al., 2012; Seligman et al., 2010, 2012) 
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and is negatively affects self-management practices for diabetes by increasing the stress 
response, which can lead to hard-to-control glycemic levels (Berkowitz, Baggett, Wexler, 
Huskey, & Wee, 2013; Franklin et al., 2012). Moreover, food insecurity may lead to increases in 
tobacco and alcohol use among older African American women, who use these behaviors as a 
means of coping with financial stress (Gucciardi et al., 2011; Roberts et al., 2014). Tobacco and 
alcohol use can increase Type 2 diabetes health complications, lead to difficulty in controlling 
glycemic levels, and can impair insulin metabolism (Gucciardi et al., 2011; Roberts et al., 2014). 
Stress has furthermore been shown to increase inflammation and reduce metabolism, both of 
which increase difficult-to-control Type 2 diabetes (Cutrona et al., 2014). 
Laraia’s (2013) review of the literature illustrated the effects of food insecurity on 
numerous outcomes, including the development of chronic diseases such as diabetes and other 
health-related behaviors. Having reviewed findings from over 20 studies, Laraia reported that the 
percentage of low-income African American adults who have diabetes and are food insecure 
ranges from 6% to 51%. Laraia also noted that in a national sample of White and African 
American adults, as the severity of food insecurity increased, so did the likelihood of developing 
diabetes; among those with diabetes, poor diabetes self-management can result. Studies 
conducted with low-income older adult African American women have shown that food 
insecurity is a proxy for lack of resources, as they could not afford diabetes medication or for 
diabetes-related materials such as test strips or insulin needles (Bengle et al., 2010; Cunningham 
& Carrier, 2014).  
The work by Gucciardi et al. (2009) and Seligman et al. (2010) were two seminal studies 
that examined the relationship between food insecurity and diabetes self-management practices 
in a national sample of White and African American male and female adults. Gucciardi et al. 
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(2009) found significant associations between food insecurity and poor diabetes management 
practices. Similarly, Seligman et al. (2010) found that food insecurity influenced diabetes 
management practices via reductions in fruit and vegetable intake and increases in alcohol and 
tobacco use.  
Other researchers examined food insecurity as a mediating variable. Roberts et al. (2014) 
studied over 250 African American women who were heavy drinkers and, like Seligman et al. 
(2010), found that heavy drinking was associated with increased levels of food insecurity risk 
and nutritional risk taking, which in turn resulted in negative health outcomes, including the 
exacerbation of Type 2 diabetes complications. In a sample of predominantly impoverished older 
female adults living with Type 2 diabetes, Vijayaraghavan, Jacobs, Seligman, and Fernandez 
(2011) found that housing instability led to food insecurity, which, in turn, led to poor diabetes 
self-management practices. 
Obesity and Type 2 Diabetes Self-Management Practices 
Type 2 diabetes and related health problems are exacerbated by obesity, “the most 
important . . . risk factor contributing to insulin resistance” (McNabb et al., 2014, p. 281). The 
rate of obesity among African American women has led to their social identification as “social 
dead weight” and “diseased Black women” (Strings, 2015, p. 107). National health data from 
2012 showed that over half (54%) of Africa American females aged 55 to 74 years were obese, 
as compared to 38% of White females and 49% of Hispanic females in the same age group 
(CDC, 2014a). Being low-income increases obesity rates for all gender and ethnic groups, but it 
appears to be most pronounced in African American of older age, with data showing that 
between 60% to 80% of African American females aged 50 or older are overweight or obese 
(Allison et al., 2014; Blaum et al., 2010).  
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Obesity is another individual factor that has been consistently linked to increases in Type 
2 diabetes and decreases in diabetes self-management practices (Jack et al., 2012; Kerr et al., 
2007). African American women who were obese as children are at increased risk for developing 
diabetes, and obesity prevention initiatives during the childhood and adolescent years can affect 
positive change in adulthood (Sharma, Wagner, & Wilkerson, 2004; Sharma, 2006, 2011). 
Indeed, a history of childhood obesity is one cited as the reason African American women are 
especially at risk for developing Type 2 diabetes (McNabb et al., 2014; Sharma et al., 2006, 
2011). Other reasons cited for the increased risk of developing Type 2 diabetes among African 
American women with obesity include (a) African American women’s increased risk for weight 
gain in the stomach; (b) low self-efficacy regarding weight loss; and (c) the inability to exercise 
on a regular basis due to family and community responsibilities (Al-Khawaldeh, Al-Hassan, & 
Froelicher, 2012; Bhattacharya, 2012; Im et al., 2012; McNabb et al. 2014; Rahim-Williams, 
2011; Samuel-Hodge, Cene, Corsino, Thomas, & Svetkey, 2013). Moreover, a larger body size 
tends to be more accepted among African American women (Im et al., 2012).  
Obesity negatively affects poor Type 2 diabetes self-management practices in numerous 
ways. The reasons for increased risk of developing Type 2 diabetes among African American 
women have also been determined as the same reasons for poor self-management of Type 2 
diabetes (Komar‐Samardzija, Braun, Keithley, & Quinn, 2012). Obesity places stress on the 
body, which can lead to diabetes that is hard to manage (Rahim-Williams, 2011). Obesity has 
been also linked to increased inflammation and pulmonary dysfunction in older adult African 
American women, conditions that also increase difficult-to-manage Type 2 diabetes (Pinto, 
Seemungal, Teelucksingh, & Nayak, 2013). In a study of older African American men and 
women, Fritschi and Quinn (2010) found that obesity led to persistent fatigue, which led to poor 
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Type 2 diabetes self-management practices. Moreover, the researchers found increased rates of 
obesity among African Americans who are food insecure, with both factors influencing poor 
diabetes self-management practices (Franklin et al., 2012).  
The comorbidity of obesity with Type 2 diabetes can lead to ambiguous results, a factor 
that has led to the methodological recommendation to statistically control for obesity, which I 
did in the current study (Jack et al., 2012; Kerr et al., 2007). Moreover, by controlling for 
obesity, a better understanding of the relationships between food insecurity, depression, and 
diabetes self-management practices may be more clear (Franklin et al., 2012; Ivers & Cullen, 
2011).  
Summary and Conclusions 
The purpose of this chapter was to review the literature pertinent to this study and 
highlight important gaps that require attention. I opened Chapter 2 with a review of the literature 
search strategy, followed by reviews of the guiding model of Matthews’s (2005) RCM, which 
guided the current examination of any direct associations between food insecurity and diabetes 
self-management behaviors that may result from emotional depression. I also determined 
whether there are direct effects of depression on diabetes self-management behaviors, 
relationships that have yet explored in previous studies. The previous review also included an 
overview of Type 2 diabetes and diabetes self-management practices and research on depression, 
food insecurity, and obesity. Included were reviews of studies that likened these factors to the 
development of Type 2 diabetes and, more importantly, poor self-management practices for the 
disease. As few studies included older adult African American women living in poverty who 
were food insecure and had Type 2 diabetes, the literature focused on older adult African 
American women with Type 2 diabetes. These studies were predominantly quantitative, but I 
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also included a few qualitative studies, as qualitative studies can provide rich descriptions of 
experiences (Sharma, 2008), and it is important to capture the experiences of older adult African 
American women living with Type 2 diabetes, another underexplored facet of research in this 
area. The following methodology seeks to address these gaps accordingly.  
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Chapter 3: Methodology 
Low-income African American women aged 50 and older not only have higher rates of 
Type 2 diabetes and diabetes-related health complications compared to their peers (ADA, 2014; 
NDEP, 2015), but often demonstrate poor diabetes self-management skills (Cutrona et al., 2014; 
Hewitt et al., 2011). Food insecurity, depression, and obesity have all been linked to poor 
diabetes self-management skills in low-income African American women, ages 50 and older 
(Cutrona et al., 2014; Gucciardi et al., 2014; Rovner et al., 2013). Results of most studies have 
suggested that, after controlling for obesity, food insecurity may lead to increased levels of 
depression which in turn may lead to poor diabetes self-management practices (Franklin et al., 
2012; Gonzalez et al., 2012; Nguyen et al., 2013). To date, this has not been a topic of study.  
In this quantitative correlational study, I examined if food insecurity and depression were 
uniquely and significantly linked to poor Type 2 diabetes self-management practices. There is 
empirical support for these relationships, but these associations have not been examined in such 
a high-risk sample as low-income older African American women nor have they been examined 
through a culturally-congruent theoretical lens. I further assessed if depression significantly 
mediated between food insecurity and Type 2 diabetes self-management practices. A review of 
the literature uncovered no studies that addressed this specific mediation effect. The variable of 
BMI, a measure of obesity, was examined as a potential covariate for all three research 
questions. 
The purpose of this chapter is to examine and discuss the study research design, 
methodology and data analysis. The topics first discussed are the study research design and the 
rationale for the choice of design. Considerable attention is devoted to the study methodology, a 
section unto itself, comprised of sub-sections on the study population, sampling and sampling 
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procedures, recruitment and data collection procedures, and study instrumentation and 
operationalization of study variables. The chapter then turns to a comprehensive assessment of 
threats to the validity of the study, with sub-sections on threats to internal, external, and construct 
validity. Ethical considerations are discussed in the penultimate section of the chapter, which 
ends with a summary.  
Research Design and Rationale 
In this quantitative nonexperimental study, which utilized a cross-sectional correlational 
research design, I posited three research questions. For the first research question, food insecurity 
was the independent variable, and diabetes self-management practices the dependent variable. 
For the second research question, depression was the independent variable, and diabetes self-
management practices was the dependent variable. For the third research question, food 
insecurity was the independent variable, depression was the mediating variable, and diabetes 
self-management practices was the dependent variable. I considered overweight/obesity as a 
potential covariate. I measured the study variables using item and scale data from the 2015 
BRFSS, an archival health surveillance dataset. The use of archival data expedited the overall 
study implementation phase.  
The goal of a quantitative research study is to gain a more in-depth and scientifically 
informed understanding of social phenomenon through the use of the scientific method 
(Willliams, 2011). Quantitative research designs are typically classified in three ways, based on 
(a) the ability to manipulate the independent variable, (b) the intent of the study, and (c) time 
points of data collection (Williams, 2011). Quantitative studies can be either experimental or 
non-experimental (Punch, 2013). An experimental research design—the only design that can 
determine causality—involves the random selection of study participants from the population 
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and random selection of participants into study conditions (e.g., intervention or control groups; 
(Punch, 2013). In contrast, non-experimental research designs do not involve random selection 
of participants or the manipulation of variables (Punch, 2013).  
Quantitative research designs are also delineated into categories based on the intent of the 
study (Punch, 2013; Williams, 2011). If the intent of a quantitative study is to simply illustrate 
and provide information on a phenomenon, a non-experimental descriptive research design is 
utilized (Punch, 2013; Williams, 2011). This type of quantitative research design has numerous 
limitations and lacks statistical rigor (Punch, 2013; Williams, 2011). If the intent of the study is 
to determine whether two or more groups (e.g., of people, interventions, events, or situations) 
significantly differ on a dependent variable, but the study lacks one of the randomization 
elements of an experimental designs, non-experimental group comparison research designs are 
utilized (Punch, 2013; Williams, 2011). There are two types of non-experimental group 
comparison research designs: the quasi-experimental research design, which allows for random 
assignment of participants to conditions but not random selection of participants; and the causal 
comparative/ex post facto research design, which examines pre-existing differences between 
naturally occurring groups (e.g., gender, ethnicity, age group; Punch, 2013; Williams, 2011). 
If the goal of a quantitative study is to determine significant associations between two or 
more variables, a non-experimental correlational research design, also called the associational 
or survey research design, is used (Asamoah, 2014). The independent variable(s) is identified as 
the predictor variable(s), and the dependent variable(s) is called the criterion variable(s) in 
correlational studies (Asamoah, 2014). A correlational research design investigates if a 
significant linear relationship exists between the predictor and criterion variables; it also 
determines the direction and strength of that relationship (Asamoah, 2014).  
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Methodology scholars (Asamoah, 2014; Bettany‐Saltikov & Whittaker, 2014; Gorard, 
2012; Kowalczuk-Walędziak, 2015) have placed emphasis on distinguishing between the 
correlational research design and correlational statistics: simple correlational statistical 
techniques such as Pearson bivariate correlations are too simplistic for the testing of hypotheses. 
The overwhelming majority of correlational research studies have utilized advanced statistical 
analyses, such as multiple linear regression, logistic regression, path analysis, and structural 
equation modeling (SEM; Adams & Lawrence, 2014; Asamoah, 2014; Gorard, 2012; 
Kowalczuk-Walędziak, 2015). In this study, I used hierarchical linear regression (HLR) and 
hierarchical multiple linear regression (HMLR) analyses to address study research questions. 
There are numerous statistical benefits of using advanced statistical techniques to test 
associational study hypotheses, including (a) the ability to examine the influence of more than 
one predictor variable on the dependent variable; (b) the capacity to control for covariates, which 
can be categorically or continuously coded, (c) testing of mediating and moderating variables, 
and (d) analyzing complex associational theoretical models (Asamoah, 2014; Bettany‐Saltikov & 
Whittaker, 2014; Leon-Guerrero & Frankfort-Nachmias, 2014). Advanced statistical methods 
also provide the means to employ complex sampling analyses (Aponte, 2010; Saylor, Friedmann, 
& Lee, 2012). I employed complex sampling analyses in this study to ensure the accurate 
weighting of data.  
While no correlational study can be used to determine causality, the use of advanced 
statistical analyses in correlational studies can strengthen the “implication of a causal 
relationship” by establishing temporal precedence—that is, that the effect preceded the outcome 
and reducing or eliminating spuriousness between the predictor and criterion variables through 
the statistical control of covariates and/or the testing of mediational and moderational effects 
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(Gorard, 2012, p. 120). While temporal precedence cannot be confirmed in this study, I reduced 
spuriousness in the predictor-criterion relationship by controlling for covariates.  
 Correlational research designs can be delineated into three types: (a) explanatory, (b) 
predictive, and (c) model testing (Gorard, 2012; Punch, 2013). The distinction between 
explanatory correlational and predictive correlational research designs centers on the timing of 
the data collection (Gorard, 2012; Punch, 2013). Researchers conducting explanatory 
correlational research studies collect data on the predictor and criterion data at the same time, 
whereas researchers conducting predictive correlational research studies collect the predictor 
data first and the criterion data at a later time point (Gorard, 2012; Punch, 2013). In other words, 
the explanatory correlational research design utilizes a cross-sectional approach, while the 
predictive correlational research design uses a longitudinal approach in the collection of data 
(Gorard, 2012; Punch, 2013). The predictive correlational research design is therefore superior to 
the explanatory design, as it achieves temporal precedence and enhances the internal validity of 
the quantitative correlational research study (Gorard, 2012; Punch, 2013). In this study, I utilized 
cross-sectional data from the 2015 BRFSS, which prevented this study from establishing 
temporal precedence, a limitation of the study.  
The third and last type of correlational research designs are model testing designs 
(Gorard, 2012; Punch, 2013). The majority of public health, health disparity, and health 
promotion theoretical models are complex relational theories (inclusive of mediators and 
moderators) between and among variables that measure specific characteristics of individuals, 
groups, events, and situation (Asamoah, 2014; Bell, 2014). Many health-based theoretical 
models, including Matthew’s (2005) RCM, incorporate constructs that occur naturally. The 
inability to manipulate theoretical relational variables precludes the use of experimental research 
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designs and requires the use of a correlational research design (Willams, 2011). While 
correlational studies cannot establish cause and effect, they “can be used to inform causal 
inferences and thus, evidence-based practice” (Williams, 2011, p. 66). I utilized the model 
testing correlational research design to examine the relationships among food insecurity, 
depression, and Type 2 diabetes self-management practices, theoretical relationships informed by 
Matthews’s (2005) RCM.  
Procedure 
Population  
 The study sample represented the American population of low-income African American 
females aged 50 and older with Type 2 diabetes. In 2014, the Administration for Community 
Living (2015) and the United States Census Bureau (2015) estimated that there were six million 
African American women aged 50 and older in America. Of this six million, approximately 1.5 
million had Type 2 diabetes and reported an annual income of $25,000 or less (Office on 
Women’s Health, 2015; Okeke, 2016).  
Sampling and Sampling Procedures 
I used the BRFSS 2015 dataset in this study. The BRFSS, first implemented in 1984, is a 
health surveillance collaborative research project between the Centers for Disease Control and 
Prevention (CDC) and state health departments. The primary objective of the BRFSS is to assess 
health practices and risk behaviors associated with chronic diseases of the noninstitutionalized 
American adult population (CDC, 2015). The targeted population, sampling frame, and sampling 
method are reviewed in the following sections, first in relation to the 2015 BRFSS, and then in 
relation to the current study.  
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Targeted population: 2015 BRFSS. The targeted population, also called a theoretical 
population, is the group of individuals with whom the quantitative research study is conducted 
(Bowling, 2014). The targeted population for the 2015 BRFSS was adult American state and 
territory residents with landline and/or cellular phone service, which represented 97.7% of the 
American population (CDC, 2015). While BRFSS analysts do not have a specific method of 
accounting for the 2.3% of the American population who do not have telephone service, they did 
employ the statistical method of iterative proportional fitting, also called raking, to weigh data to 
ensure that underrepresented groups were accurately represented in the 2015 dataset (CDC, 
2014a). Raking was used to weigh data on race/ethnicity, education levels, marital status, 
geographical region, telephone source, renter/owner status, gender by age, gender by 
race/ethnicity, and age by race/ethnicity groups (CDC, 2015).  
Targeted sample: Current study. The targeted sample for this study was African 
American women, age 50 years or older, with an annual income of $25,000 or less and who had 
Type 2 diabetes. BRFSS data results from 2015 showed that the total number of African 
American females, age 50 or older, and of low-income status was 1,074. Of these 1,074 females, 
350 (32.6%) reported having Type 2 diabetes. The percentage of 32.6% of African American 
females, age 50 or older, and of low-income status in this sample was not significantly different 
from the 28% of the American population of African American females, age 50 or older, and of 
low-income status (χ²(1) = 0.59, p = .643). The 350 BRFSS participants were the study sample.  
Sampling frame: 2015 BRFSS. The sampling frame is the resource used to identify the 
targeted population to obtain the study sample (Bowling, 2014; Haig, 2014). The 2015 BRFSS 
utilized a national telephone registry to obtain landline phone numbers of individuals residing in 
all 50 states as well as territories of America (CDC, 2014a). The sampling frame for cellular 
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telephone numbers was the Telecordia database of telephone exchanges sorted by state area code 
number (CDC, 2014a).  
Sampling frame: Current study. The sampling frame for the study was the 2015 
BRFSS dataset. The 2015 BRFSS dataset did not provide any information, such as names or 
addresses that could be used to identify a study participant (CDC, 2015). It provided data on age, 
gender, race/ethnicity, low-income status, and chronic disease (including Type 2 diabetes status), 
variables that I used in the random selection of study participants. 
Sampling method: 2015 BRFSS. Quantitative studies utilize either non-probability 
sampling methods, in which a convenient and opportunistic sample of participants is obtained, or 
probability sampling methods, in which some type of random selection of participants is utilized 
(Haig, 2014; Klugh, 2013). The 2015 BRFSS used a probability sampling method called 
stratified random sampling. This type of probability sampling involves delineating groups into 
strata, or groups, and then selecting a random sample of participants from each stratum (Haig, 
2014; Klugh, 2013). The 2015 BRFSS stratified the study sample in ways. One, participants 
were stratified by type of telephone service (i.e., landline or cellular), and the majority (80%) of 
participants were interviewed using their landline while 20% of participants were interviewed 
using their cellular telephone (CDC, 2015). Two, participants were stratified into smaller 
geographical units, typically health department districts, within states (CDC, 2015).  
Sampling method: Current study. In this study, I analyzed 2015 BRFSS data from the 
study targeted sample of 350 African American women, age 50 or older, of low-income status 
and with a diagnosis of Type 2 diabetes. This sample size was well above the required sample of 
170 participants, which I determined from the initial results of an a priori power analysis using 
G*Power (Faul, Erdfelder, Buchner, & Lang, 2009).  
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Study sample size: Power analysis. I conducted a power analysis using G*Power (Faul 
et al., 2009) for multiple linear regression, in consideration of the independent variable of food 
insecurity, the independent and mediating variable of depression, and the covariate of obesity. 
The power was set to .80 and the significance level was set to p < .05. Based on previous 
research on similar study topics (Bhattacharya, 2012; Cutrona et al., 2014), the effect size was 
set to small (f2 = .065). The predictors entered into G*Power were the independent variable of 
food insecurity, the independent and mediating variable of depression, and the covariate of 
obesity. The results of the power analysis showed that a sample of 170 participants was required 
for this study. I also conducted a post hoc power analysis. The effect size was set to f2 = 0.15, 
significance was set to p < 0.05, the total number of predictors was entered as three, and the total 
sample size was entered as N = 350. The observed power for the study was a very robust .9999. 
The use of a probability sample allowed for the generalizability of results to other samples of 
African American females aged 50 and older with Type 2 diabetes. Results, however, cannot be 
generalized to non-African American females or males ages 50 and older, with Type 2 diabetes, 
nor to African American females who do not have Type 2 diabetes. 
Procedures for Recruitment, Participation, and Data Collection 
The use of 2015 BRFSS archival data necessitated that this section included information 
with regard to the methodological practices as implemented for the 2015 BRFSS as well as 
methodological practices utilized in this study. In the following sections, information on the 
procedures for participant recruitment and data collection as delineated in the 2015 BRFSS study 
manual are outlined. Subsequent to this information is a discussion as to how I obtained and 
utilized the 2015 BRFSS dataset. 
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Data collection procedures: 2015 BRFSS. The BRFSS health surveillance project has 
been, and continues to be, a collaborative effort between the CDC and U.S. state and territory 
health departments (CDC, 2015). The BRFSS project is initiated each year with the annual 
meeting of the BRFSS Coordinators Working Group, comprised of state and national health 
officials selected by the CDC (CDC, 2015). The BRFSS Coordinators Working Group meets on 
an annual basis to (a) review and revise (if needed) the core BRFSS instrument; (b) develop 
questionnaire modules, which are clusters of items that address specific health issues; (c) review 
and approve state-specific questions; and (d) refine and finalize informed consent and data 
collection interview protocols. The state-specific BRFSS questionnaire is then reviewed by each 
state health department official, who removes any state-specific items per working group request 
and then submits a final state BRFSS instrument to the CDC. States use the respective BRFSS 
instrument for one calendar year. States that have a high population of Spanish-speaking 
residents have the option to utilize a BRFSS instrument that has been translated to Spanish. The 
CDC maintains all BRFSS instruments as well as BRFSS datasets (CDC, 2015).  
While the CDC provides study oversight and management, state health departments are 
responsible for the annual collection of BRFSS data (CDC, 2015). State health departments have 
the option to contract with university-based survey research centers or commercial survey 
research firms to collect BRFSS data. In 2015, 44 state/territory health departments contracted 
with survey research centers/firms to collect BRFSS data, while nine collected these data in-
house. BRFSS data are collected through interviews using Computer-Assisted Telephone 
Interview (CATI) system software. Relevant CDC staff provide extensive CATI training and 
technical assistance/support to state data collectors prior to and during data collection activities. 
Data collectors also receive training on BRFSS interview protocols. Once training is completed 
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for all state and territory research personnel, the data collection process is initiated (CDC, 2015). 
For the 2015 BRFSS study, the majority (80%) of telephone calls and subsequent interviews 
were conducted on weeknights (5PM to 9PM) and weekends (9AM to 9AM), while 20% of 
telephone calls and interviews were conducted between 9AM and 5PM on week days.  
State data collectors utilize random digit dialing to randomly select (within geographical 
units and by telephone type) study participants (CDC, 2015). If the telephone call goes 
unanswered, the data collector has the option to call the number a total of 15 times. If the 
telephone call is answered, the BRFSS data collector explains to the individual who answered 
the call that he/she has been selected to potentially participate in the BRFSS health surveillance 
study. The data collector delineates the criteria for participation in the BRFSS study, namely that 
the individual must be an adult and a member of the household (cellular phone calls are treated 
as a one-person household), and confirms that the individual meets these criteria. The data 
collector then (a) states that the BRFSS questionnaire is completed through a phone interview, 
which lasts approximately 20 minutes; (b) summarizes the contents of the questionnaire; and (c) 
reviews with the individual the verbal informed consent process, which includes denoting the 
risks and benefits for participating in the study, the lack of compensation for participation, and 
the ability to maintain confidentiality but not anonymity of the participant. The individual is also 
provided study contact information (CDC, 2015).  
The individual has the option of rescheduling the interview or completing it (CDC, 2015). 
The interview commences once the individual who answered the telephone call confirms that 
he/she is an adult and a member of the household and provides verbal informed consent. The 
interview is considered to be complete if the participant, having provided verbal informed 
consent, provides information on his/her age, ethnicity, and gender. As these demographic 
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questions are placed in the middle of the BRFSS instrument, a complete interview can contain up 
to 50% missing data (CDC, 2015).  
Data collection and utilization procedures: Current study. The BRFSS datasets are 
publicly available for research studies (CDC, 2015). Access to this archival data did not require 
special permissions because it is in the public domain. I utilized 2015 BRFSS archival data, 
which are the most recent. I downloaded the 2015 BRFSS dataset as a SPSS 23.0 file from the 
BRFSS data website (CDC, 2015). Using SPSS 23.0 selection of cases function, I derived a 
targeted population dataset, comprised of data from all individuals who met the study criteria 
(i.e., age 50 or older, female gender, African American ethnicity, low-income status, and Type 2 
diabetes status). I saved the final dataset, comprised of participant demographic and study 
variable data from 350 participants. The dataset included variables on participant age, income 
level, highest level of education, employment status, and relationship status (for descriptive 
information only) and the study variables of food insecurity, depression, Type 2 diabetes self-
management practices, and BMI, as a measure of obesity.  
Instrument and Operationalization of Constructs 
 I utilized specific items and scales from the 2015 BRFSS dataset. The following sections 
are delineated into descriptions of the study independent, mediating, and dependent variables. 
The description for each variable includes a general definition, an operational definition, and 
information on the variable type (i.e., categorical, ordinal, interval, and ratio) and response scale. 
The description also includes information on scale validity and reliability.  
Independent variable: Food insecurity. The USDA (2014) defined food insecurity as 
the “limited or uncertain availability of nutritionally adequate and safe foods or limited ability to 
acquire acceptable foods in socially acceptable ways” (para. 3). I measured food insecurity in 
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this study using responses to the 2015 BRFSS indicator of household food insecurity: “How 
often in the past 12 months would you say you were worried and stressed about having enough 
money to buy nutritious meals?” This ordinal item is scaled using a 5-point Likert scale, from 1 
(never) to 5 (always), with a higher score indicating higher levels of food insecurity.  
Prior versions of the BRFSS survey included this single-item indicator of food insecurity. 
This single-item measure has been significantly correlated (p < 0.01) with obesity, including 
obesity among older adults, mental distress and depression, and health-related quality of life 
among middle and older aged women (Kwon, Wang, & Hawkins, 2016; Pierannunzi, Hu, & 
Balluz, 2013; Rizzo & Kintner, 2013). These findings support its criterion-related validity.  
Independent and mediating variable: Depression. According to the APA (2014), 
depression is a medical illness that negatively influences individuals’ emotional, physical, and 
cognitive states. The primary symptoms of depression are feelings of extreme sadness and 
marked loss in interest or pleasure in activities (APA, 2014). In the BRFSS dataset, I used the 
Kessler et al. (2002) six-item Psychological Distress Scale (PDS) to measure depression, with 
the items used to gauge the degree to which, in the past 30 days, a person felt (a) nervous, (b) 
hopeless, (c) restless, (d) depressed, (e) that everything was an effort, and (f) worthless. The PDS 
items were scaled from 1 = none to 5 = all, and the score was computed by summing the six 
items. The scale scores ranged from 6 to 30 points, with a higher score denoting higher levels of 
depression (Kessler et al., 2002; 2003).  
The Kessler et al. (2002) six-item PDS has been used widely in health surveillance 
studies in the United States (i.e., BRFSS and SAMHSA’s National Household Survey; CDC, 
2015). The construct validity of the 6-item PDS has been confirmed in studies where factor 
analysis results determined a one-factor structure of the 6-item PDS (Herrick, 2015; Kessler et 
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al., 2002, 2003). Scholars (Ege, Messias, Thapa, & Krain, 2015; Herrick, 2015; Tan et al., 2015) 
have documented that the 6-item PDS is a sound screening tool for depression and serious 
mental illness in the general population, especially in samples of older adults with chronic 
diseases, including Type 2 diabetes, due to its sound discriminant and predictive validity. Herrick 
(2015), who utilized the North Carolina BRFSS 2013 data, demonstrated that the PDS was useful 
for discriminating between adults with diabetes who reported moderate stress and those who 
reported serious stress. Moreover, Herrick’s (2015) results showed that the greatest differences in 
significance on PDS scores were those seen “with depression and disability (p < 0.01)” (p. 2). 
Tan et al. (2015) found significant associations (p < 0.01) between the six-item PDS and other 
measures of distress. Rosen et al. (2000) found significant associations between the six-item PDS 
and the Derogatis Symptom Checklist-90, while Wallston (2013) documented associations 
between the six-item PDS and the Multidimensional Health Locus of Control Scales (p < 0.01). 
The inter-item reliability of the PDS is excellent and has ranged from the mid .80s to the mid 
.90s in studies conducted with diverse samples (Herrick, 2015; Kessler et al., 2003).  
Dependent variable: Diabetes self-management practices. Self-management practices 
for diabetes are critical elements of self-care to reduce the physical and psychological effects of 
Type 2 diabetes and to improve quality of life (Rovner et al., 2013). In this study, I assessed 
diabetes self-management practices using the BRFSS DSMS, which was comprised of four items 
with dichotomous yes/no response codes (CDC, 2015). These items were (a) monthly physical 
activity/exercise, (b) daily glucose monitoring, (c) daily checking feet for sores or irritations, and 
(c) ever having received diabetes self-management education (Chen et al., 2014). I computed the 
DSMS by summing the four items (CDC, 2015). DSMS scale scores ranged from 0 to 4, with a 
higher score indicating higher levels of consistent diabetes self-management practices (CDC, 
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2015). The DSMS has been utilized in studies using BRFSS data and has been shown to have 
significant associations with diabetes health-related behaviors (Jackson, 2015; Johnson, 
Ghildayal, Rockwood, & Everson-Rose, 2014; Herrick, 2015; March et al., 2014). The DSMS 
has also demonstrated discriminant validity with regard to individuals who were or were not 
insulin dependent (Johnson et al., 2014) and adults with and without obesity (March et al., 2014). 
 Covariate: Overweight/obesity. The CDC (2014b) defined obesity as having a BMI that 
is 25 kg/m2 or greater. In the 2015 BRFSS dataset, BMI was an indicator of overweight/ obesity, 
derived from the anthropometric (as opposed to self-report) measurement of height and weight 
(CDC, 2015). I used the interval-coded BMI variable, calculated as weight/height x 703 (CDC, 
2015). The BMI item of the BRFSS has been recognized (along with smoking status, blood 
pressure, height, and weight variables) to “be of high reliability and high validity” (Pierannunzi 
et al., 2013, p. 2). Criterion-related validity of the BRFSS BMI measure has been confirmed in 
studies that have demonstrated significant correlations between anthropometric-measured BMI 
and self-reported physical fitness, health quality of life, and health literacy (Brown, Carroll, 
Workman, Carlson, & Brown, 2014; Evenson & McGinn, 2005; Keith, Clark, Stump, & 
Callahan, 2015; Kwon et al., 2016). Scholars noting significant age group, ethnic group, 
socioeconomic level, presence or absence of chronic health conditions, and geographical 
residence differences with regard to mean BMI (Brown et al., 2014; Grabner, 2012; Keith et al., 
2015) have provided support for the discriminant validity of the BRFSS BMI measure.  
Data Analysis Plan 
I conducted data analyses using the SPSS 23.0 complex sampling technique. The 2015 
BRFSS dataset was downloaded from the data website directly into an SPSS 23.0 data file and 
kept on a jump drive. I deleted variables not relevant to the study from the data file to reduce 
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confusion. Individual depression and Type 2 diabetes self-management practices items were 
analyzed to derive Cronbach’s alpha for inter-item reliability. An acceptable Cronbach’s alpha is 
greater than or equal to .70 (Bowling, 2014). The existence of any univariate outliers was 
determined using the SPSS outlier function. Any univariate outliers that were found were 
winsorized—that is, replaced with the next lowest or highest value (Bowling, 2014). I detected 
and addressed multivariate outliers using the SPSS Mahalanobis distance function (Bowling, 
2014).  
The research questions and accompanying hypotheses for this study were as follows: 
RQ1. Does household food insecurity, as measured by the BRFSS food insecurity item, 
significantly relate to diabetes self-management practices, as measured by the BRFSS DSMS, in 
a sample of low-income African American women, ages 50 and older, controlling for 
overweight/obesity, as measured by BMI?  
H1o. Household food insecurity, as measured by the BRFSS food insecurity item, does 
not significantly relate to diabetes self-management practices, as measured by the BRFSS 
DSMS, in a sample of low-income African American women, ages 50 and older, controlling for 
overweight/obesity, as measured by BMI.  
H1a. Household food insecurity, as measured by the BRFSS food insecurity item, does 
significantly relate to diabetes self-management practices, as measured by the BRFSS DSMS, in 
sample of low-income African American women, ages 50 and older, controlling for 
overweight/obesity, as measured by BMI.  
RQ2. Does depression, as measured by the BRFSS PDS, significantly relate to diabetes 
self-management practices, as measured by the BRFSS DSMS, in a sample of low-income 
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African American women, ages 50 and older, controlling for overweight/obesity, as measured by 
BMI?  
 H2o. Depression, as measured by the BRFSS PDS, does not significantly relate to 
diabetes self-management practices, as measured by the BRFSS DSMS, in a sample of low-
income African American women, ages 50 and older, controlling for overweight/obesity, as 
measured by BMI.  
H2a.Depression, as measured by the BRFSS PDS, does significantly relate to diabetes 
self-management practices, as measured by the BRFSS DSMS, in a sample of low-income 
African American women, ages 50 and older, controlling for overweight/obesity, as measured by 
BMI. 
RQ3. Does depression, as measured by the BRFSS PDS, significantly mediate between 
household food insecurity, as measured by the BRFSS food insecurity item, and diabetes self-
management practices, as measured by the BRFSS DSMS, in a sample of low-income African 
American women, ages 50 and older, controlling for overweight/obesity, as measured by BMI?  
H3o. Depression, as measured by the BRFSS PDS, does not significantly mediate 
between household food insecurity, as measured by the BRFSS food insecurity item, and 
diabetes self-management practices, as measured by the BRFSS DSMS, in a sample of low-
income African American women, ages 50 and older, controlling for overweight/obesity, as 
measured by BMI.  
H3a. Depression, as measured by the BRFSS PDS, does significantly mediate between 
household food insecurity, as measured by the BRFSS food insecurity item and diabetes self-
management practices, as measured by the BRFSS DSMS, in a sample of low-income African 
American women, ages 50 and older, controlling for overweight/obesity, as measured by BMI. 
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 I utilized SPSS 23.0 software to conduct hierarchical linear regression (HLR) and 
hierarchical multiple linear regression (HMLR) for hypothesis testing1. The incorrect weighting 
of data was a concern in this study due to the use of data from low-income African American 
women age 50 and older. As with most national health surveillance systems, the BRFSS 
oversamples underrepresented income, age, and ethnicity groups (CDC, 2015). While 
oversampling increases the size of theoretically and empirically relevant study samples—a boon 
for health disparities research—the sample is no longer representative of the population, leading 
to inaccurate findings (CDC, 2015). I thus analyzed the data using complex sampling procedures 
to ensure that the data were correctly weighted.  
I conducted preliminary statistical analyses—descriptive statistics and various 
assumption tests—prior to conducting HLRs/HMLR for hypothesis testing. I calculated the 
frequencies and percentages for categorical demographic variables (e.g., employment status, 
relationship status). For the very few interval or ratio-coded demographic variables (e.g., age), I 
computed means, standard deviations, and minimum and maximum scores. I then reported this 
information for descriptive purposes.  
All multivariate statistics, including HLR/HMLR, have data assumptions that must be 
met to ensure the accuracy of statistical findings (Field, 2013; Garson, 2012). Linear regression 
models have five primary assumptions that must be met: (a) normality in the distribution of scale 
scores, (b) homoscedasticity, (c) linearity between the independent and dependent variables, (d) 
lack of multicollinearity between the independent variables, and (e) independence of residuals 
                                                 
1 I ran an HLR to analyze the association between food insecurity and Type 2 diabetes self-
management behaviors, controlling for education level on the first model or step of the analysis. 
I performed the same analysis for the predictor of depression, again controlling for education 
level. I conducted an HMLR to assess the relationship between food insecurity and depression, 
controlling for two covariates, age and BMI, on the first model or step of the analysis.  
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(errors; Field, 2013; Garson, 2012). In the following sections, I will provide information on the 
testing of these five assumptions for HLR/HMLR. 
Assumption of Normality 
To test the assumption of normality, I computed zskewness values by dividing the skewness 
value by the skewness standard error (Doane & Seward, 2011). A zskewness value less than 1.96 
indicates that the normality assumption has been met. Outliers are often the reason for substantial 
skewness; had that been evident, the data would have been winsorized where the next lowest or 
highest value replaced the outlier (Doane & Seward, 2011).  
Assumption of Linearity and Homoscedasticity 
In accordance with recommendations from Nau (2015), the assumptions of linearity and 
homoscedasticity were tested by computing predicted residual by actual residual scatterplots. 
The assumption of linearity is met if the residual points showed a uniform distribution of residual 
data points, while the assumption of homoscedasticity is met if residual data points are equally 
dispersed above and below the horizontal axis (Nau, 2015).  
Assumption of the Lack of Multicollinearity 
If independent variables and/or independent and mediating variables are so highly 
associated with one another (with r > .80, p < .001) that they are measuring the same construct, 
multicollinearity is evident (Field, 2013). Variance inflation factors (VIF) were computed 
between and among food insecurity, depression, and obesity variables to determine 
multicollinearity. The assumption of lack of multicollinearity is met if VIFs are < 4.00 (Field, 
2013). Had multicollinearity been evident, the variable with the highest association to other 
variables would have been used in HLR/HMLR analyses.  
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Assumption of Independence or Errors 
I computed a Durbin Watson statistic to determine if data met the assumption of 
independence of errors, or lack of autocorrelation of residuals (Nau, 2015). Errors are 
independent—the assumption is met—if the Durbin Watson values are between 1.00 and 3.00 
(Nau, 2015). The assumption of independence of error is most likely to be violated if data are 
ordered in a meaningful time sequence, which often does not concern typical data used in linear 
regression models (Nau, 2015).  
After I addressed the assumptions for HLR, hypothesis testing was addressed by 
conducting HLRs or HMLRs (e.g., determined by the number of models run and the number of 
variables entered at each model in the analysis) and, had mediation requirements been met, HLR 
for mediation. HLR was employed when no covariates were found to be significantly associated 
with dependent variable, while HMLR was employed to account for the shared variance between 
the covariate and dependent variable. Results were considered significant if p < 0.05. Based on 
recommendations by Hayes (2013), overall model F-values and associated p-values for the 
HLR/HMLR models, with model effect size being determined by the model R2 (Hayes, 2013). 
Results of the individual predictors included the predictors’ standardized beta weights (β) and p 
values (Hayes, 2013).  
Threats to Validity 
Three types of validity in quantitative research studies pertain to study limitations in 
relation to the research methodology and design: (a) internal validity, or the degree to which it 
can be stated that the observed effects on the dependent variable(s) are due to the independent 
variables and not to unmeasured confounding variables; (b) external validity, or the ability to 
generalize study results to the population under study or other samples, settings, and times; and 
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(c) construct validity, or how well a study instrument operationally captures the constructs under 
study (Bowling, 2014). This section is organized according to these three types of validity.  
Threats to Internal Validity 
 Threats to internal validity are participant or study factors that compromise the ability to 
state that dependent variable effects were the result of the independent variable (Bowling, 2014). 
Threats to internal validity for correlational studies include confound bias and reverse causation 
(Asamoah, 2014; Gorard, 2012). A study has confound bias if results are unclear as to whether 
the independent variable or an unmeasured extraneous variable is significantly associated with 
the dependent variable (Asamoah, 2014; Gorard, 2012). Covariate analysis may have helped to 
control confound bias in this study. Reverse causation concerns the lack of ability to determine 
the temporal precedence of variables (Asamoah, 2014; Gorard, 2012). There was possibility that 
Type 2 diabetes self-management practices influenced food insecurity and depression and not 
vice versa. 
Threats to External Validity 
External validity concerns whether one can generalize study findings to the population (or 
other samples), to other times, and to other settings (Bowling, 2014; Punch, 2013). The external 
validity of a study depends greatly on whether study participants represent the population 
(Bowling, 2014; Punch, 2013). The external validity of the current study was relatively strong, 
although the sample itself was restricted to a specific income, age, and gender group. The 
external validity strength was due to the use of the BRFSS national surveillance dataset that was 
comprised of a random sample of participants. However, results from this study could only be 
generalized to low-income African American women, ages 50 and older, with Type 2 diabetes. 
Results from this study cannot be generalized to African American men, African American 
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women younger than 50, African American women without depression, food insecurity, or Type 
2 diabetes, or to similar samples collected using other means at other times. 
Threats to Construct Validity 
 Construct validity pertains to the degree to which a scale or instrument adequately 
measures the intended construct it was supposed to measure (Bowling, 2014; Punch, 2013). One 
threat to construct validity is the poor operationalization of study constructs (Bowling, 2014; 
Punch, 2013). The BRFSS data have been utilized in numerous studies that have documented the 
sound construct validity of study variables (CDC, 2015), so this threat is minimal. Another threat 
to construct validity is the mono-method bias, where the investigator uses just one scale or 
instrument—or item—to measure a study construct (Bowling, 2014; Punch, 2013). The mono-
method bias is common to correlational studies: time and cost-related study constraints often 
prevent the use of more than one means (e.g., self-report survey, observation, physiological 
indicators) of measurement (Bowling, 2014; Punch, 2013). .  
Ethical Considerations 
 I used 2015 BRFSS archival data, collected by state health agencies in coordination with 
the CDC. Administrators at these agencies must follow ethical guidelines for human subjects. 
Their ethical responsibilities included (but were not limited to): (a) the recruitment of study 
participants; (b) the dissemination of study information to participants, including information on 
the potential benefits and risks of study participation; (c) obtaining participant informed consent 
and providing assurances of participant confidentiality; (d) answering any questions that the 
participants may have had regarding their study roles/responsibilities; and (e) data collection, 
coding, and entry (CDC, 2015). The original participants provided consent to the CDC during 
the original recruitment process and their data was subsequently anonymized (CDC, 2015). 
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I did not have any contact with study participants and was not in any way involved in the 
informed consent process. I was not required to contact the CDC to obtain permission to use the 
BRFSS data. The dataset contained no identifying information on study participants. Indeed, the 
study participants were completely anonymous to me. I was responsible for upholding specific 
ethics concerning research and data analysis. I did not start my data cleaning, organization, and 
analysis activities until I received approval to conduct my study from Walden University’s 
Institutional Review Board (IRB). In accordance with APA (2002) ethical guidelines, I analyzed 
my data in a forthright and honest manner, and stored study material (to be destroyed in 5 years) 
in a locked file cabinet in my home office. 
Summary 
The purpose of this chapter was to articulate and elaborate upon the methodology of the 
current study. This chapter opened with a discussion of the research design of the study, 
followed by a rationale for its use. The chapter then continued with a comprehensive review of 
the population and targeted population of the study; this review included information on the 
sampling procedure, sampling frame, as well as the sample size determined by a power analysis 
conducted using G*Power (Faul et al., 2009). Considerations were given to the procedures for 
recruitment, participation, and data collection, followed by an examination of the operational 
definitions of study variables. The chapter then turned to an examination of the data analysis 
planned for hypothesis testing. The review of these methodological elements of the study set the 
stage for a discussion of the study findings, which is the focal point of Chapter 4, the following 
chapter.  
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Chapter 4: Results 
 Type 2 diabetes, a medical condition in which the body can no longer properly 
metabolize glucose due to insufficient production or processing of insulin, occurs at a 
disproportionately higher rate among African American women (CDC, 2015; Gucciardi et al., 
2014). African American women over the age of 50 who are of low-income status have a high 
likelihood of developing Type 2 diabetes. Previous researchers have shown that contextual and 
individual factors, such as food insecurity and depression, negatively influence diabetes self-
management behaviors in this population (Cutrona et al., 2014; Jack et al., 2012, 2014; Quirk et 
al., 2013; Tsenkova et al., 2012; Zahodne et al., 2014). The goal of this study was to address this 
gap in the literature, utilizing a relevant health disparity theory, Matthews’s (2005) reserve 
capacity model (RCM). This study had a two-fold purpose: one, to determine if food insecurity 
and depression were significantly associated with diabetes self-management practices; and two, 
to assess if depression mediated between food insecurity and diabetes self-management practices 
in the high-risk group of African American older adult females living in poverty. To enhance the 
external validity of the study, I utilized 2015 data from the Behavioral Risk Factor Surveillance 
System (BRFSS), a national dataset on pertinent health factors and behaviors among Americans. 
The purpose of this chapter was to present and discuss the results of the study based on 
statistical analysis conducted on 2015 BRFSS data of a national sample of African American 
women age 50 and older, whose reported annual income was less than $25,000 a year and who 
had Type 2 diabetes. The chapter opens with a data collection section, which includes 
information on the organization of the 2015 BRFSS dataset for analyses and descriptive statistics 
on study participants. The chapter continues with the results section. The results section includes 
descriptive statistics on the study variables, the results from the testing of covariates, the results 
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from the testing of assumptions for linear regression analyses, and results of hypothesis testing. 
The chapter concludes with a summary section.  
Data Collection 
Organization of 2015 BRFSS Data  
 I used the 2015 BRFSS dataset for the study. I downloaded the dataset from the BRFSS 
data site (CDC, 2015). I reviewed the dataset was reviewed and then removed cases so that the 
final dataset pertained to the sample—that is, it was comprised of data from African American 
women ages 50 or older, with Type 2 diabetes, and who were low-income. The initial dataset 
was comprised of data from 81,656 participants. I reduced this sample size to 10,610 when 
individuals with Type 2 diabetes were selected. When female gender was selected, the sample 
was reduced to 5809, and then to 632 when African American race was selected. When the 
sample was limited to age 50 or older, the sample was reduced to 549. When the sample was 
limited to African American females age 50 or older, with Type 2 diabetes, and who were of 
low-income (i.e., annual income of $25,000 or less), the final sample was 352. To ensure that the 
sample was comprised of those individuals who had Type 2 diabetes, I removed two participants 
who reported being diagnosed as children, and thus had Type 1, or juvenile diabetes, from the 
dataset. The final dataset consisted of 350 African American females age 50 or older who lived 
in poverty and who had Type 2 diabetes.  
Descriptive Statistics: Study Participants 
 The total number of African American females, age 50 or older, and of low-income status 
was 1,074. Of these 1,074 females, 350 (32.6%) reported having Type 2 diabetes. The 
percentage of 32.6% of African American females age 50 or older of low-income status in this 
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sample was not significantly different from the 28% of the American population of African 
American females, age 50 or older, and of low-income status (χ²(1) = 0.59, p = .643).  
 The mean age of the 350 participants was 67.40 years (SD = 8.57 years), with ages 
ranging from 50 to 90 years. Table 2 presents the information on other demographic variables. 
With regard to annual income, 107 (30.6%) reported an income between $15,000 and $19,999; 
86 (24.6%) reported an income between $10,000 and $14,999; 84 (24.0%) reported an income of 
less than $10,000; and 73 (20.8%) reported an income of $20,000 to $24,999. Regarding 
employment status, the largest numbers of participants reported that they were retired (n = 172, 
49.2%) or unable to work (n = 102, 29.1%). Thirty-three (9.4%) reported being employed, 20 
(5.7%) reported being unemployed, and 23 (6.6%) identified as homemakers. The group as a 
whole were relatively well-educated. Almost half (n = 164, 46.9%) of participants reported a 
high school degree as their highest level of education, while 112 (32.0%) reported having some 
college education or were college graduates (see Table 2 for more information). One hundred 
nineteen (34.0%) of participants were widowed; 115 (32.9%) were divorced/separated. Sixty-one 
(17.4%) participants had never been married, and 55 (15.7%) were married. 
Table 2 
Descriptive Statistics: Demographic Variables of Participants (n = 350) 
Variables Frequency Percentage 
Annual Income    
Less than $10,000 84 24.0 
$10,000-$14,999 86 24.6 
$15,000-$19,999 107 30.6 
$20,000-$24,999 73 20.8 
   
Employment Status   
Employed 33 9.4 
Unemployed  20 5.7 
Homemaker 23 6.6 
Retired 172 49.2 
Unable to Work 102 29.1 
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Variables Frequency Percentage 
   
Highest Level of Educationa   
Never Attended School 3 0.9 
Elementary School 17 4.9 
Some High School 54 15.4 
High School Graduate 164 46.9 
Some College 74 21.1 
College Graduate 38 10.9 
   
Relationship Status   
Married 55 15.7 
Divorced/Separated 115 32.9 
Widowed 119 34.0 
Never Married 61 17.4 
Note. a For covariate testing, highest level of education was recoded to 1 = less than high school, 2 = high school 
graduate, and 3 = some college/college graduate.  
 
Results 
Descriptive Statistics: Study Variables  
 I calculated descriptive statistics (i.e., mean, standard deviation, minimum and maximum 
scores) on the four study variables: the independent variable of food insecurity, the independent 
and mediating variable of depression, the dependent variable of diabetes self-management 
practices, and the potential covariate of body mass index (BMI). These descriptive statistics are 
presented in Table 3. I augmented the descriptive statistics with data on the inter-item reliability 
and normality of the variables. I computed Cronbach’s alpha for the interval-coded depression 
scale and computed a Kuder-Richardson 20 (K-R 20) for the diabetes self-management practices 
scale, which was comprised of dichotomously-coded items. A Cronbach’s alpha and a K-R 20 
that greater than or equal to .70 is indicative or sound internal consistency (Garson, 2012). I 
assessed the assumption of normality by computing a zskewness value (i.e., skewness divided by 
skewness standard error); a zskewness value that is less than 1.96 indicates that the assumption of 
normality was met for the scale (Kim et al., 2012). 
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I measured food insecurity using a single item: “How often in the past 12 months would 
you say you were worried and stressed about having enough money to buy nutritious meals?” I 
scaled this item using a 5-point Likert scale, from 1 (never) to 5 (always), with a higher score 
indicating higher levels of food insecurity. As seen in Table 3, the mean score for the food 
insecurity item was 3.04 (SD = 1.19), which corresponded to the response “Sometimes,” and the 
item scores ranged from 1.00 to 5.00. The zskewness value for the food insecurity item was  -0.19, 
which denoted that this one-item scale met the assumption of normality. 
I initially proposed the measure for depression as the 6-item Psychological Distress Scale 
(PDS). However, the PDS items were part of a module that states could elect to include in their 
surveys; as such, only 26 participants had PDS item scores. I therefore measured depression 
using two items: “How many days in the past month have you experienced depression?” and 
“How many days in the past month has your depression prevented you from doing your usual 
activities?” The respondent could answer from 0 to 30 days. This two-item assessment was 
deemed to be a sound measure of depression as it had a very good inter-item reliability, 
Cronbach’s alpha = .92, and was significantly associated with the question “Has a doctor ever 
told you that you had a depressive disorder?2” The Pearson bivariate correlation between the 
two-item depression scale and the diagnosis of depression item was r(350) = .25, p < .001: 
higher scores on the depression scale was significantly associated with the likelihood of having 
been diagnosed with a depressive disorder. The mean depression score was 12.54 (SD = 6.90), 
and depression scores ranged from 1.00 to 30.00. The depression scale had a zskewness value of 0.59, 
indicating that this measure met the assumption of normality. 
                                                 
2 The item, “Has a doctor ever told you that you had a depressive disorder?” was not used as a variable in 
the study as it was coded dichotomously, that is, 1 = yes and 2 = no. which would have required the use of 
binary logistic regression and not linear regression.  
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I initially measured the dependent variable of diabetes self-management practices by 
combining the four diabetes self-management items as to whether the participant (a) exercised 
monthly, (b) checked blood sugar at least once a day, (c) checked feet for sores or irritations at 
least once a day, and (d) had ever taken a course or class on how to manage Type 2 diabetes. As 
the items were scored where 1 = yes and 0 = no, I conducted a Kuder-Richardson 20 (K-R 20) to 
determine the inter-item reliability of the scale. The K-R 20 of the four-item diabetes self-
management scale was poor, α = .56, but improved to α = .70 when the item “exercised monthly” 
was removed. I therefore computed the diabetes self-management scale by summing the 
remaining three items. The diabetes self-management scale mean score was 1.46 (SD = 1.18), 
and scale scores ranged from 0.00 to 3.00. The zskewness value of 0.25 denoted that the diabetes 
self-management scale met the assumption of normality. 
The mean score of the covariate of BMI was 31.69 (SD = 6.83), indicating that on 
average, the group of participants were obese. The BMIs of the participants ranged from 18.00 to 
50.00. As I measured BMI by one item, the Cronbach’s alpha was not applicable to this scale. 
The BMI variable did display normality as evidenced by a zskewness value of 1.86. 
Table 3 
Descriptive Statistics: Study Variables (n = 350) 
Variables M SD Min Max α Zskewness 
Food Insecurity 3.04 1.19 1.00 5.00 N/A -0.19 
Depression 12.54 6.90 1.00 30.00 .92 0.59 
Diabetes Self-Management Practices 1.46 1.18 0.00 3.00 .70 0.25 
Body Mass Index (BMI) 31.69 6.83 18.00 50.00 N/A 1.86 
 
Testing of Covariates 
 I conducted a Pearson bivariate correlation with the variable of BMI to assess whether it 
was significantly associated with the mediator of depression and the dependent variable of 
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diabetes self-management practices. Results showed that BMI was significantly associated with 
depression (r(350) = .11, p = .039); as BMI increased, so did the levels of depression among 
participants. BMI was not significantly associated with diabetes self-management practices 
(r(350) = .01, p = .901). 
 I conducted additional statistical tests to determine if the demographic variables of age, 
employment status, highest level of education, and relationship status were significantly 
associated with the variables of depression and diabetes self-management practices. I conducted 
a Pearson bivariate correlation with the variable of age; the results showed that age was 
significantly associated with depression (r(350) = .11, p = .034); as age increased, so did 
depression. Age was not significantly associated with diabetes self-management practices 
(r(350) = .02, p = .737). 
 I conducted a series of Spearman’s rho correlations, the non-parametric equivalent to 
Pearson bivariate correlations (Agresti, 2013), between the variables of income level, 
employment status, highest level of education, and relationship status and depression and 
diabetes self-management practices. Results from the Spearman’s rho correlations, which are 
presented in Table 4, showed only one significant association: highest level of education was 
significantly associated with diabetes self-management practices (rs(350) = .134, p = .012). As 
education level increased, so did engagement in diabetes self-management practices.  
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Table 4 
Spearman’s Rho Correlations: Income Level, Employment Status, Highest Level of Education, 
and Relationship Status and Depression and Diabetes Self-Management Practices (n = 350) 
 
  
Depression 
Diabetes Self-Management 
Practices 
Income Level -.089 .011 
Employment Status   .092 .071 
Highest Level of Education   .087   .134* 
Relationship Status   .070                       -.082 
Note. Highest level of education was recoded to 1 = less than high school, 2 = high school graduate, and 3 = some 
college/college graduate.  
 
 To summarize the results from covariate testing, BMI was significantly associated with 
depression, as was age; as BMI and age increased, so did levels of depression. BMI was not 
significantly associated with diabetes self-management practices. Only one variable, highest 
level of education, was significantly associated with diabetes self-management practices.  
Testing of the Assumption of Lack of Multicollinearity 
 An important assumption for linear regression analyses is a lack of multicollinearity 
between the independent and mediating variables (Garson, 2012). Lack of multicollinearity is 
tested by computing a variance inflation factors (VIF), and if the VIF is less than 4.00, the 
assumption of lack of multicollinearity has been met (Garson, 2012). I computed a VIF for the 
relationship between food insecurity, the independent variable, and depression, the mediating 
variable. The VIF was 1.01, which indicated that the assumption of lack of multicollinearity was 
met. Statistical tests and results for the remaining assumptions of independence of errors, 
linearity between independent and dependent variables, and homoscedasticity are presented prior 
to the results of hypothesis testing.  
Research Questions: Results of Hypotheses Testing 
 In this study, I posed three research questions. Based on the results of the testing of 
covariates, when hypothesis testing involved the examination of depression as the dependent 
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variable, the variables of BMI and age were included as covariates, and I conducted hierarchical 
multiple linear regression (HMLR) analyses. When hypothesis testing involved the assessment of 
diabetes self-management practices as the dependent variable, the only covariate included in the 
testing was highest level of education, and I conducted hierarchical linear regression (HLR) 
analyses.  
 In the following sections, I will provide results for each of the linear regression analyses 
conducted for the three research questions. Prior to the presentation of findings, results from 
statistical tests conducted with regard to the assumptions of independence of errors, linearity 
between the independent and dependent variable, and homoscedasticity are presented. The 
assumption of independence of errors indicates a lack of autocorrelation between regression 
residuals (Garson, 2012). I tested this assumption by calculating a Durbin-Watson value; if the 
Durbin-Watson value is between 1.00 and 3.00, the assumption of independence of errors has 
been met. The assumption of linearity pertains to the requirement that the independent and 
dependent variables have a linear relationship while the assumption of homoscedasticity 
concerns the requirement that regression residuals are similar across all values of the 
independent variable. These two assumptions are tested by computing a scatterplot of actual and 
predicted regression residuals. A scatterplot with residuals dispersed in a uniform manner (i.e., 
residuals are not scattered in a bow-like or vertical pattern) indicates that the assumption of 
linearity has been met, while residuals that are equally scattered above and below the horizontal 
0 indicate that the assumption of homoscedasticity has been met (Garson, 2012).   
Research Question 1 
 The first research question was, “Does household food insecurity significantly relate to 
diabetes self-management practices, in a sample of low-income African American women, ages 
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50 and older?” To address this question, I conducted a hierarchical linear regression (HLR). As 
covariate testing showed that education level was significantly associated with diabetes self-
management practices (BMI was not), the first model of the HLR included the covariate of 
education level as a predictor. The second model of the HLR included food insecurity as the 
predictor variable. Diabetes self-management practices was the dependent variable.  
 The assumption of independence of errors was tested by calculating a Durbin-Watson 
statistic. The Durbin-Watson statistic was 1.79; as the Durbin-Watson value was between the 
values of 1.00 and 3.00, the assumption of independence of errors was met. The assumptions of 
linearity and homoscedasticity were tested by computing a scatterplot of actual and predicted 
regression residuals, which is presented in Figure 2. The uniform dispersion of the residuals 
signified that the assumption of linearity was met, while the residuals equally dispersed above 
and below the horizontal 0 indicated that the assumption of homoscedasticity was met.  
  
Figure 2. Scatterplot of residuals: Food insecurity predicting diabetes self-management practices 
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 Results of the HLR are presented in Table 5. The first HLR model was significant 
(F(1,348) = 6.61, p = .011, R2 = .019). Education level was a significant predictor of diabetes 
self-management practices (β(350) = .137, p = .011), and based on the R2 of .019, a small effect 
size, education level explained 1.9% of the variance in diabetes self-management practices. As 
education level increased, so did engagement in diabetes self-management practices.  
 The second model of the HLR, in which food insecurity was entered as a predictor of 
diabetes self-management practices, was not significant (F(1,347) = 0.69, p = .406, R2 = .002). 
Food insecurity did not significantly predict diabetes self-management practices (β(350) = -.049, 
p = .406). Education level, however, remained a significant predictor of diabetes self-
management practices in the second model of the HLR (β(350) = .157, p = .008). As food 
insecurity was not significantly associated with diabetes self-management practices, I accepted 
the null hypothesis for the first research question.  
Table 5 
Hierarchical Linear Regression: Education Level and Food Insecurity Predicting Diabetes Self-
Management Practices (n = 350) 
 
  Model 1  Model 2 
  B SE B Β  B SE B β 
Education Level  .223 .087    .137*  .258 .096  .157** 
Food Insecurity      -.055 .066  -.049 
         
F/Fchange  6.61   0.69    
R2change for F/Fchange  .019   .002    
p  .011   .406    
Note. *p < .05; **p < .01 
 
Research Question 2 
 The second research question was, “Does depression significantly relate to diabetes self-
management practices in a sample of low-income African American women, ages 50 and older?” 
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As diabetes self-management practices was the dependent variable, the only covariate entered in 
the HLR analysis was education level (BMI was not significantly associated with diabetes self-
management practices). I entered education level as a predictor on the first model of the HLR, 
followed by depression on the second model of the HLR. Diabetes self-management practices 
was the dependent variable.  
 To determine if the assumption of independence of errors was met, I calculated a Durbin-
Watson statistic. The Durbin-Watson statistic value of 1.71 signified that the assumption of 
independence of errors was met. I computed a scatterplot of actual and predicted regression 
residuals to test if the assumptions of linearity and homoscedasticity were met. As seen in Figure 
3, the uniform dispersion of the residuals indicated that the assumption of linearity was met, 
while the residuals equally dispersed above and below the horizontal 0 indicated that the 
assumption of homoscedasticity was met.  
  
74 
 
 
 
Figure 3. Scatterplot of residuals: Education level and depression predicting diabetes self-
management practices. 
 
 Results of the HLR conducted for the second research question are presented in Table 6. 
As seen in the first HLR, the first model, with education level predicting diabetes self-
management practices, was significant (F(1,348) = 6.61, p = .011, R2 = .019). Education level 
was significantly associated with diabetes self-management practices (β(350) = .137, p = .011), 
and it explained 1.9% of the variance in diabetes self-management practices. As education level 
increased, so did engagement in diabetes self-management practices.  
 The second model of the HLR, in which depression was entered as a predictor of diabetes 
self-management practices, was also significant (F(1,347) = 6.98, p = .009, R2 = .019). 
Depression was significantly associated with diabetes self-management practices (β(350) = -
.140, p = .009), and based on the R2 of .019, a small effect size, depression explained 1.9% of the 
variance in diabetes self-management practices. Education level remained a significant predictor 
of diabetes self-management practices in the second model of the HLR (β(350) = .121, p = .023). 
As depression was significantly associated with diabetes self-management practices, I rejected 
the null hypothesis for the second research question.  
Table 6 
Hierarchical Multiple Linear Regression: Education Level and Depression Predicting Diabetes 
Self-Management Practices (n = 350) 
 
  Model 1  Model 2 
  B SE B Β  B SE B β 
Education Level  .223 .087 .137*  .199 .087 .121* 
Depression      -.024 .009   -.140** 
         
F/Fchange 6.61    6.98    
R2change for F/Fchange .019    .019    
p .011    .009    
Note. *p < .05; **p < .01 
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Research Question 3 
 The third research question was, “Does depression mediate between household food 
insecurity and diabetes self-management practices in a sample of low-income African American 
women, ages 50 and older?” Mediation requires that the independent and mediating variables are 
significantly associated with one another, that the independent and dependent variables are 
significantly associated with one another, and that the mediating and dependent variables are 
significantly associated with one another. The first research question addressed the relationship 
between the independent variable of food insecurity and the dependent variable of diabetes self-
management practices. Food insecurity did not significantly predict diabetes self-management 
practices (β(350) = -.049, p = .406). The second research question addressed the relationship 
between the mediator of depression and the dependent variable of diabetes self-management 
practices. Depression was significantly associated with diabetes self-management practices 
(β(350) = -.140, p = .009).  
 The lack of significance between food insecurity and diabetes self-management practices 
precluded the ability to conduct hierarchical multiple linear regression (HMLR) for mediation. 
However, for interest, I conducted an HMLR to examine if food insecurity, the independent 
variable, was significantly associated with depression, the mediating variable. As covariate 
testing determined that BMI and age were significantly related to depression, I entered these as 
predictors in the first model of the HMLR. I entered food insecurity as a predictor on the second 
model of the HMLR. Depression was the dependent variable.  
 I computed a Durbin-Watson statistic to assess if the assumption of independence of 
errors was met. The assumption of independence of errors was met, as indicated by the Durbin-
Watson value of 1.60. To determine if the assumptions of linearity and homoscedasticity were 
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met, I computed a scatterplot of actual and predicted regression residuals (Figure 4). As indicated 
by the uniform dispersion of the residuals, the assumption of linearity was met. As the residuals 
were equally dispersed above and below the horizontal 0, the assumption of homoscedasticity 
was met.  
 
 
Figure 4. Scatterplot of residuals: BMI, age, and food insecurity predicting depression. 
 Results for the HMLR, with the covariates of BMI and age entered as predictors in the 
first model and food insecurity entered as the predictor on the second model, are presented in 
Table 7. The first model of the HMLR was significant (F(2,347) = 3.83, p = .023, R2 = .022). 
While the overall model was significant, neither BMI nor age were significantly associated with 
depression (β(350) = .096, p = .080 and β(350) = .097, p = .075, respectively). As the two 
covariates were close to significance (as indicated by p-values of .080 and .075), the overall 
regression model was likely significant as a result of the combination of the two covariates. The 
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second model of the HMLR, with food insecurity predicting depression, was not significant 
(F(1,346) = 0.20, p = .888, R2 = .000).  
 Two requirements for mediation were not met: Food insecurity, the independent variable, 
was not significantly associated with diabetes self-management practices, the dependent variable 
nor with depression, the mediating variable. Only one requirement was met; depression, the 
mediating variable, was significantly associated with diabetes self-management practices, the 
dependent variable. As two of the three requirements for mediation were not met, I accepted the 
null hypothesis for the third research question. 
Table 7 
Hierarchical Multiple Linear Regression: BMI, Age, and Food Insecurity Predicting Depression 
(n = 350) 
 
  Model 1  Model 2 
  B SEB β  B SEB β 
BMI   .096 .055    .095  .096 .055    .095 
Age   .078 .044    .097  .077 .044    .096 
Food Insecurity      .049 .349    .008 
         
F/Fchange 3.83    0.20    
R2change for F/Fchange .022    .000    
p .023    .888    
 
Summary 
 The results of this study contributed to the health disparity literature regarding Type 2 
diabetes management practices among a high-risk population, African American women age 50 
and older living in poverty. In this study, I examined if food insecurity and depression were 
significantly associated with Type 2 diabetes self-management practices and assessed if 
depression mediated between food insecurity and Type 2 diabetes self-management practices. I 
used 2015 BRFSS data to answer the research questions. Of the 81,656 participants included in 
the 2015 BRFSS dataset, 1,074 were African American females, age 50 or older and of low-
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income status. When limited to those with Type 2 diabetes, the sample was reduced to 350 low-
income African American women, age 50 and older, the study sample. These data indicated that 
32.6% of low-income African American women ages 50 and older had Type 2 diabetes, 
statistically similar to the population rate of 28%. The observed power for the study, with 350 
participants, was a very robust .9999.  
 Results of the study did not meet all expectations. BMI was assumed to be significantly 
associated with depression and diabetes self-management practices and thus was initially 
included as a covariate. However, BMI was only significantly associated with depression. Two 
variables emerged as additional covariates: age, which was significantly correlated with 
depression, and highest level of education, which was the only covariate to be significantly 
associated with diabetes self-management practices. Indeed, as seen in the HLR results for the 
first research question regarding the relationship between household food insecurity and diabetes 
self-management practices, controlling for education level, highest level of education emerged as 
a significant predictor of diabetes self-management practices but food insecurity did not. As 
such, I accepted the null hypothesis for the first research question. Results from the HLR for the 
second research question regarding the association between depression and diabetes self-
management practices, controlling for education level, showed that both the covariate of 
education level and the predictor of depression were significantly associated with diabetes self-
management practices. The third and final research question inquired as to whether depression 
mediated between food insecurity and diabetes self-management practices, controlling for BMI 
and age. As the relationships between food insecurity and depression as well as diabetes self-
management practices were not found to be significant, the requirements for mediation were not 
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met. As such, I accepted the null hypothesis for the third research question. The results of the 
study are discussed in consideration of the existing literature in Chapter 5.  
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Chapter 5: Discussion 
 African American females aged 50 and older have disproportionately higher rates of 
Type 2 diabetes, a disease that involves the insufficient production or processing of insulin 
resulting in elevated glucose levels, in comparison to their male and other ethnic group 
counterparts (CDC, 2015). Twenty-five percent to 30% of African American women 55 and 
older have a Type 2 diabetes, and this rate increases to 40% for African American women 65 and 
older (CDC, 2015; Okeke, 2016). Consistent engagement in diabetes self-management practices, 
such as daily checking of glucose levels and participation in diabetes education programs, helps 
to maintain health (Gucciardi et al., 2011, 2012, 2014; Sharma, 2017). The higher rates of Type 2 
diabetes-related health problems (e.g., neuropathy, retinopathy, dementia) in African American 
older adult women, especially those in poverty, are likely associated with their inconsistent 
engagement in self-management practices (Cutrona et al., 2014; Gucciardi et al., 2009, 2013, 
2014; NDEP, 2015). Three poverty-related factors—food insecurity, depression, and obesity—
have shown to be significantly related to poor self-management practices among older African 
American females in poverty (Jack et al., 2012; Laraia, 2013; McNabb et al., 2014). 
The potential cost to individuals and society has prompted a substantial and diverse body 
of public health empirical work on health disparities and chronic health issues among older 
adults, especially among people of color (Hurd et al., 2013; Mullings, 2014). Food security, 
depression, obesity, and Type 2 diabetes self-manage practices have acted as the focal points for 
public health research with various samples of ethnic minority males, females, and both groups 
of different ages (Baum et al., 2010; Black et al., 2015; Kerr et al., 2007; Quirk et al., 2013; 
Seligman et al., 2010, 2012). Few scholars, however, have examined these factors and their 
relationships among low-income African American women age 50 and older with Type 2 
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diabetes, the demographic with the highest rates of Type 2 diabetes and poorest diabetes self-
management practices. Through this study, I addressed this gap in the public health literature by 
examining the relationship between food insecurity and diabetes self-management practices and 
mediational effects of depression between these two variables; obesity acted as a potential 
covariate. I utilized data from the 2015 BRFSS survey, using a national sample of African 
American women age 50 and older whose reported annual income was less than $25,000 a year 
and who had Type 2 diabetes. 
 This study yielded some expected and unexpected findings. Results showed that 
depression, but not food security, was significantly associated with Type 2 diabetes self-
management practices. The lack of significance between food insecurity and Type 2 diabetes 
self-management practices and food insecurity and depression precluded the need to test for the 
potential mediational effects of depression. This lack of significance was unexpected, as were 
other outcomes. Two unexpected outcomes concerned obesity, as measured by BMI. First, 
obesity was not significantly associated with Type 2 diabetes self-management practices nor with 
depression (in HMLR analyses), despite the sample being on average obese. It was also 
unexpected that education level would emerge as a significant predictor of Type 2 diabetes self-
management practices, which it did, even when depression was added to the HLR model. The 
purpose of this chapter is to present and review study results within the context of prior literature 
and Matthews’s (2005) RCM, as well as to provide information on study limitations, 
recommendations, and implications.  
Interpretation of Findings 
 Through this study, I aimed to contribute to the existing literature on depression and 
diabetes self-management practices (Baum et al., 2010; Kerr et al., 2007), and food insecurity 
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and diabetes self-management practices (Billimek & Sorkin, 2012; Gucciardi et al., 2014) among 
older African American women in poverty. I also addressed an empirical gap in the literature 
regarding depression as a potential mediator between food insecurity and Type 2 diabetes self-
management practices, extending the existing empirical literature on the relationship between 
food insecurity and depression among older African American adults (Black et al., 2015; Ivers & 
Cullen, 2011; Quirk et al., 2013).  
The emphasis on health disparities of this study necessitated the utilization of a culturally 
congruent theoretical framework, which was Matthews’s (2005) reserve capacity model (RCM). 
The RCM postulates that poverty leads to an increase in stressors, which interact with coping 
mechanisms and resources—reserve capacities—to influence emotions and cognitions; these, in 
turn, affect intermediate health behaviors and ultimate health morbidity and mortality outcomes 
(Matthews, 2005). In the empirical literature on cardiovascular health among ethnic minorities, 
researchers have most frequently utilized the RCM. This theory has yet to be used to examine the 
relationship between depression, food insecurity, and diabetes in an ethnic minority groups. The 
following sections include discussions of the study findings with regard to prior empirical work 
and theory.  
Interpretation of Findings: Prior Literature 
The study yielded findings that were and were not consonant with prior literature. The 
results indicated that depression was significantly associated with Type 2 diabetes self-
management practices. This finding has been supported in prior literature (Lamers et al., 2011; 
Rovner et al., 2013; Shim et al., 2013) conducted with African American women. This finding is 
notable, as the study participants were not a clinical sample, as they were in the studies by 
Lamers et al. (2011) and Papelbaum et al. (2011). In addition, the mean score of 12.54 days of 
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depression per month was not considerably high. It may be that even low levels of depression 
may impair Type 2 diabetes self-management practices among older African American females 
in poverty.  
 Prior researchers (Franklin et al., 2012; Laraia, 2013; Seligman et al., 2012) have 
indicated that food insecurity significantly predicted Type 2 diabetes self-management practices 
directly and indirectly, through elevated levels of depression. The lack of significance of these 
relationships in this study was counter to the majority of findings in this body of health 
disparities empirical literature; neither food insecurity nor depression was significantly 
associated with Type 2 diabetes self-management practices. It is unclear why the findings were 
not significant. Food insecurity was significantly associated with income level in this study, 
although income was not significantly associated with either depression or Type 2 diabetes self-
management practices in this study. 
  Food insecurity is often significantly associated with poverty—indeed, it is an indicator 
of low socioeconomic status—and poverty has been consistently linked to poor self-management 
of diabetes in older adult African American women (Cutrona et al., 2014; Jack et al., 2012; 
Nguyen et al., 2013; Quirk et al., 2013).   The lack of significant findings may have resulted 
from the use of data from African American women living in poverty.  The older age of the 
study participants, who were between the ages of 50 and 90, may have been a factor. Some 
scholars have suggested that older low-income African American women define poverty 
differently when compared to their younger counterparts (Dovidio, Gaertner, Ufkes, Saguy, & 
Pearson, 2016; Mickelson & Hazlett, 2014). Mickelson and Hazlett found that older low-income 
African American women defined poverty within the context of their own sense of 
responsibility, goals, and behaviors, whereas their younger counterparts were more likely to 
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perceive poverty within the context of “others,” including children, romantic partners, and the 
government.  
Just as characteristics of the participant may have influenced findings, so may have the 
characteristics of the study measures. This was one of few studies that utilized a multi-item Type 
2 diabetes self-management practices scale. Most researchers have used single-item measures of 
glycemic control (Musselman et al., 2014; Papelbaum et al., 2011). Further, a primary issue 
concerning the literature on the topics of depression and food insecurity is the varied and diverse 
measures of these constructs utilized in empirical studies (Coates, 2013; Headey & Ecker, 2013; 
Nolte, Paniagua, & Yamada, 2013). The language and structure—as well as the culturally 
congruence and accessibility—of one measure over another (Elsworth, Newman, & Osborne, 
2013; Landrine & Corral, 2014) may have influenced responses made by the African American 
women and the subsequent findings. 
I expected that obesity would be a covariate—that is, that it would be significantly 
associated with the mediator of depression and the dependent variable of Type 2 diabetes self-
management practices. Obesity was significantly associated with depression in correlational 
analyses, but lost significance when HMLR analyses were conducted. Obesity was not 
significantly associated with Type 2 diabetes self-management practices. The significant 
association between obesity and depression at the correlational level supports the results of prior 
research conducted with African American women (Collins, 2013; Javed et al., 2011; Johnson & 
Wesley, 2012; Sutherland, 2013). The descriptive statistic results showed that, on average, the 
sample of African American women were obese. A categorical measurement of BMI further 
indicated that 55.1% of participants had BMIs of 30 or higher, placing them in the obese 
category, and an additional 25.5% had BMIs between 25 and 29.99, which placed them in the 
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overweight category. These high rates of overweight and obesity are disconcerting; nonetheless, 
they correspond to rates found in prior studies with low-income older African American women 
(Allison et al., 2014; Strings, 2015). It may have been that there was not enough variability in 
BMI scores to affect Type 2 diabetes self-management practices scores.  
With the exception of depression, the only other variable significantly associated with 
Type 2 diabetes self-management practices was highest level of education. Empirical studies 
conducted with White adults, ethnically diverse adult samples, and African American female 
samples (Collins, 2013; Coogan, Wise, Cozier, Palmer, & Rosenberg, 2012; Sutherland, 2013; 
Tanenbaum, Leventhal, Breland, Yu, Walker, & Gonzales, 2015) have found significant 
associations between highest level of education and various diabetes self-management practices, 
including having attended Type 2 diabetes education courses, routine exercise, eating a healthier 
diet, and limiting alcohol intake. Coogan et al. (2013) found that the highest level of education 
among African American women was significantly associated with lower BMI scores and higher 
rates of healthy eating and routine vigorous exercise. There has not been extensive examination 
of the association between education level and Type 2 diabetes self-management practices, and 
studies assessing these associations among low-income older African American women with 
Type 2 diabetes are virtually nonexistent.  
Interpretation of Findings: Theory 
 In this study, I tested the relevance of Matthews’s (2005) reserve capacity model (RCM), 
one of the few health disparity mediational models that consider the influence of low 
socioeconomic status on both psychological and physiological factors (Matthews, 2005). Using 
Matthews’s (2005) RCM framework, I posited that under the condition of poverty and obesity—
considered a stressor—and food insecurity—considered reserve capacity construct, specifically, 
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an absence of tangible resources factor—would significantly influence depression, identified as 
an emotional state, and diabetes self-management practices, denoted as a health behavior 
intermediary. I further posited that depression, an emotional state, would mediate between food 
insecurity, an absence of tangible resources construct, and diabetes self-management practices, a 
health behavior intermediary. 
 Only one pathway was significant: that of depression, an emotional state, predicting the 
health behavior intermediary of Type 1 diabetes self-management practices. There was an 
unexpected significant finding with regard to educational level, which could hypothetically be 
treated as an indicator of socioeconomic status. Highest level of education “is often used as a 
generic measure of” socioeconomic status in health research (Galobardes, Shaw, Lawlor, Lynch, 
& Smith, 2006). Further, the significant relationship between education level and obesity, a 
stressor, satisfied the RCM pathway of low socioeconomic status predicting a stressor. This 
relationship was not the focus of the current study. Moreover, education level was not 
significantly related to food insecurity, and income level was neither associated with obesity nor 
with food insecurity. Results from this study did not provide substantive support for the RCM 
and were in fact in line with nonsignificant results in 12 of 21 previous studies examined in the 
literature review of RCM-guided health literature (Matthews et al., 2008).  
Limitations of the Study 
 It is important to recognize the strengths of an empirical study before reviewing the 
limitations. A notable strength of this study was the use of a national surveillance dataset, the 
2015 BFRSS. The BFRSS national health surveillance system has an embedded quality 
assurance system that ensured the quality and integrity of that sampling procedures, participant 
recruitment, and selection processes, data collection, data cleaning and related study 
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methodology (Pierannunzi, Hu, & Balluz, 2013). The use of a national dataset further provided 
an assurance of a large-enough sample. (I e., the sample size was large enough to achieve power 
of .80; Lin, Lucas & Shmueli, 2011). While the sample of 350 participants was lower than what 
was projected (which was an n of 1,000). I determine through a post hoc power analysis that it 
resulted in power of, 99. 
When discussing study limitations, it is crucial that findings be reviewed within the  
context of both statistical significance and practical significance (APA, 1994; LeFebvre, 2013; 
Rosen & DeMaria, 2012.  Statistical significance pertains to the scientific credibility of study 
findings as reliable and credible estimates of the population statistic (Hojat & Xu, 2004; 
LeFebvre, 2011).  A researcher with significant statistical findings, determined by probability set 
at what is considered “an arbitrary value of p < 0.05” (Ziliak & McCloskey, 2008, p. 3), rejects 
the null hypothesis, while a researcher whose findings are nonsignificant, as determined by p > 
0.05, fails to reject the null hypothesis (Aguinis et al., 2010; Wilkinson, 2014).  Practical 
significance concerns the degree, or magnitude, to which the differences or relationships have 
meaning to the participant and the population they represent; it refers the degree to which 
findings have practical value in the real world (Hojat & Xu, 2004; Lee & Mohajeri, 2012).  
There are numerous measures of effect size (e.g., Cohen’s d, Cohen’s, eta2, omega2) based on 
the statistical analysis used for hypothesis testing).  Eta2 is the statistical measure of the effect 
size of real-life relationships, which can be reported for studies using variations of linear 
regression (e.g., HLR, HMLR) (Hojat & Xu, 2004; Lee & Mohajeri, 2012). 
Researchers have increasingly reported effect sizes in their published research since the 
APA’s (1994) statement that effect sizes be included along with the more traditional results (i.e.., 
model F-value and associated p-value, standardized beta weights and associated p-values) “to 
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convey the most complete meaning of the results” (Kelley & Preacher, 2012, p. 137).  By 
following APA’s (1994) recommendation, I provided evidence supporting Kotrlik et al.’s (2011) 
argument that “too many research results … are … described as significant, when they are in fact 
small” (p. 132).  The probability (p) value for the overall regression model and for depression as 
a predictor of T2D self-management practices was p = .009.  Many researchers believe that a p-
value that is substantially lower than p < .05 - and closer to p < .001 - is indicative of a large 
difference or strong relationship (LeFebvre, 2013).  The effect size for the regression model of 
education level and depression predicting T2D self-management practices was, however, quite 
small, R2 = .019:  Education level and depression collectively explained 1.9% of the variance, 
leaving other unmeasured variables to explain the remaining 98.1% of the variance.  Moreover, 
based on effect sizes, the treatment effect of 1.9% was small (Sullivan, 2012). 
While the use of archival BRFSS data conferred numerous benefits to the study, 
including the enhancement of the study’s external validity, the measurement of study constructs 
was constrained. I measured food insecurity using a single item. While single-item measures of 
food insecurity are “widely accepted as valid” (Siefert, Heflin, Corcoran, & Williams, 2001), it is 
unclear as to whether interpretation of the meaning of the item was consistent across participants. 
How one answers items on a food insecurity scales is influenced by how the items are written as 
well as how responses are coded (Siefert et al., 2001).  
As the Kessler et al. (2002) 6-item Psychological Distress Scale (PDS) is only available 
in state module surveys, PDS item data was available from only 26 participants in this study. I 
replaced the PDS with two items measuring depression: “How many days in the past month have 
you experienced depression?” and “How many days in the past month has your depression 
prevented you from doing your usual activities?”  These two items had excellent inter-item 
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reliability (Cronbach’s alpha = .92), and the scale comprised of these two items was significantly 
associated with a formal diagnosis of depression; however, the use of a multi-item measurement 
of food insecurity and the PDS rather than the two depression items may have resulted in 
different—and potentially significant—outcomes.  
Recommendations 
An intent of this study was that it would inspire additional empirical work on study topics 
in the form of replication studies and studies that account for some of the limitations of this 
study. An imperative of the scientific method is that studies be replicated to enhance the validity, 
dependability, and generalizability of previous work (Bowling, 2014). Replication studies that 
use earlier BRFSS data would be worthwhile, as would longitudinal studies that utilize multiple 
BRFSS datasets to determine whether posited relationships change over time. The 
generalizability of findings would be enhanced by conducting studies that assess the postulated 
relationships by using different measure of food insecurity, depression, and Type 2 diabetes self-
management behaviors. Studies that measure food insecurity at the scale level are especially 
important, as this study employed a single-item measure. 
The narrow participant criteria of this study, while theoretically and empirically 
necessary, limited the generalizability of study findings. Future scholars should examine 
relationships between food insecurity, depression, and Type 2 diabetes self-management 
practices with different income level, age, gender, and ethnicity samples. Comparison studies 
that assess whether relationship differences emerge across differing, age, ethnicity, or age-by-
ethnicity groups would greatly contribute to public health research. Studies that examine age, 
ethnicity, and age-by-ethnicity differences in the perception and understanding of study 
constructs, including poverty status, would contribute greatly to the existing literature on these 
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issues. The majority of participants in this study that were overweight/obese may have 
influenced results in this study, as obesity status has been shown to influence responses on study 
surveys (Van Zutven, Mond, Latner, & Rodgers, 2015). Empirical work with samples of African 
American women or adults who are of normal weight or diverse in weight would help to 
determine if overweight/obesity was in fact a contributing factor of nonsignificant and significant 
findings found in this study. Finally, health disparity theorists would benefit from studies that 
test theoretical frameworks positing similar but different interactions among obesity, food 
insecurity, depression, and Type 2 diabetes self-management practices.  
Implications for Practice 
 One intent of this study was to raise societal awareness of health disparities as they relate 
to Type 2 diabetes among low-income older African American women. Two findings that 
emerged from this study of concern were the significant relationship between depression and 
T2D diabetes self-management practices and the high rate of overweight/obesity.  Post-study 
analyses, conducted to gain additional understanding of the study participants, showed that the 
largest group (n = 113, 32.3%) of participants had engaged in no T2D self-management 
practices.   These findings call for the development of educational programs that focus on 
increasing awareness among this population on the importance of consistent engagement in T2D 
self-management practices (i.e., to one’s health, mental health, finances, and quality of life).  
Study findings also call for the need to promote positive social change in the form of 
preventative interventions aimed at weight-loss and/or reducing depression among African 
American women at risk for developing Type 2 diabetes, as well as diabetes medical 
interventions that focus on the treatment of obesity and depression to enhance the management 
as well as health and mental health corollaries of Type 2 diabetes.  The development of such 
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programs and initiatives could ultimately lead to the reduction of healthcare costs for the 
treatment of diabetes, which increased from $174 billion in 2007 to $245 billion in 2012 (ADA, 
2014; NDEP, 2015). 
Results also showed an unexpected association between education level and Type 2 
diabetes self-management practices. This finding has profound social importance, as it suggests 
that existing federal initiatives, including those funded by Medicaid, that are aimed at increasing 
ethnic minority—especially African American—student participation in dual enrollment and 
college readiness programs, encourage ethnic minority youth to stay in school, and provide 
funding for ethnic minority adults of any age to attend vocational school or college may help to 
reduce health disparities among African Americans. Grassroots initiatives such as literacy 
programs or the provision of transportation for the elderly to visit libraries, museums, or 
bookstores, seminars, or classes may have the unexpected benefit of promoting the health 
literacy of this population. 
Conclusions 
 This was the first study to examine the relationships among obesity, food insecurity, 
depression, and Type 2 diabetes self-management practices in a theoretically and empirically 
valid sample of low-income African American women, ages 50 and older. The posited 
relationship between food insecurity and diabetes self-management practices nor the mediating 
effect of depression between these two factors was not supported in study findings. However, I 
found that depression was significantly associated with Type 2 diabetes self-management 
practices—as was education, unexpectedly.  
 America will see an increase in both the elderly and African Americans in the coming 
decades (Mullings, 2014). It is crucial that society is prepared to adjust for these coming 
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demographic changes by ensuring that such populations have health quality of life. The 
development of interventions that promote the health and well-being of ethnic minority older 
adults and elderly would not only enhance the health and wellbeing of these American citizens, it 
would also likely reduce healthcare costs for all Americans. Empirical research is necessary to 
ensure the soundness and validity of such interventions. It is my hope that this study will be one 
among many empirical catalysts that increase not only the development and implementation of 
culturally-congruent interventions, but also enhance societal awareness of the health and mental 
health concerns of ethnic minority individuals. 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
93 
 
 
 
 
References 
Adams, K. A., & Lawrence, E. K. (2014). Research methods, statistics, and applications. 
Thousand Oaks, CA: Sage. 
Administration for Community Living. (2015). A statistical profile of older African Americans. 
Retrieved from http://www.acl.gov/NewsRoom/Publications/docs 
/A_Statistical_Profile_of_Older_African_Americans.pdf. 
Agresti, A. (2013). Categorical data analysis. New York, NY: John Wiley & Sons. 
Aguinis, H., Werner, S., Lanza Abbott, J., 2Angert, C., Park, J. H., & Kohlhausen, D. (2010). 
Customer-centric science: Reporting significant research results with rigor, relevance, 
and practical impact in mind. Organizational Research Methods, 13(3), 515-539.  
Ahn, S., Smith, M. L., Dickerson, J. B., & Ory, M. G. (2012). Health and health care utilization 
among obese and diabetic baby boomers and older adults. American Journal of Health 
Promotion, 27(2), 123-132. 
Al-Khawaldeh, O. A., Al-Hassan, M. A., & Froelicher, E. S. (2012). Self-efficacy, self-
management, and glycemic control in adults with Type 2 diabetes mellitus. Journal of 
Diabetes and its Complications, 26(1), 10-16. 
Allison, D. B., Edlen-Nezin, L., & Clay-Williams, G. (2014). Obesity among African-American 
women: Prevalence, consequences, causes, and developing research. Women’s Health, 2, 
243-274. 
American Diabetes Association (ADA). (2014). Economic costs of diabetes in the U.S. in 2012. 
Retrieved from care.diabetesjournals.org/content/36/4/1033.full. 
94 
 
 
 
American Diabetes Association (ADA). (2015). Diabetes self-management education and 
support in Type 2 diabetes. Retrieved from 
remingtonreport.com/images/stories/DiabetesSelfCareGuidelines.pdf 
American Psychological Association (APA). (2002). Ethical principles of psychologists and 
code of conduct. Retrieved from www.apa.org/ethics/code2002.html 
American Psychological Association (APA). (2014). Depression. Retrieved from 
http://www.apa.org/topics/depress/ 
American Psychological Association (APA). (2015). Older adults’ health and age-related 
changes: Reality versus myth. Retrieved from 
www.apa.org/pi/aging/resources/guides/older-adults .pdf 
APA (1994). Statistical methods in psychology journals. Retrieved from  
https://www.apa.org/pubs/journals/releases/amp-54-8-594.pdf 
Aponte, J. (2010). Key elements of large survey datasets. Nursing Economics, 28(1), 27-43. 
Asamoah, M. K. (2014). Re-examination of the limitations associated with correlational 
research. Journal of Educational Research and Reviews, 2(4), 45-52. 
Baron, R. M., & Kenny, D. A. (1986). The moderator–mediator variable distinction in social 
psychological research: Conceptual, strategic, and statistical considerations. Journal of 
Personality and Social Psychology, 51(6), 1173-1187. 
Bell, J. (2014). Doing your research project: A guide for first-time researchers. London, UK: 
McGraw-Hill Education. 
Bengle, R., Sinnett, S., Johnson, T., Johnson, M. A., Brown, A., & Lee, J. S. (2010). Food 
insecurity is associated with cost-related medication non-adherence in community-
95 
 
 
 
dwelling, low-income older adults in Georgia. Journal of Nutrition for the Elderly, 29(2), 
170-191.  
Bennett, K. K., Buchanan, D. M., Jones, P. G., & Spertus, J. A. (2014). Socioeconomic status, 
cognitive-emotional factors, and health status following myocardial infarction: Testing 
the reserve capacity model. Journal of Behavioral Medicine, 1(1), 1-12. 
Berkowitz, S. A., Baggett, T. P., Wexler, D. J., Huskey, K. W., & Wee, C. C. (2013). Food 
insecurity and metabolic control among US adults with diabetes. Diabetes Care, 36(10), 
3093-3099. 
Bettany‐Saltikov, J., & Whittaker, V. J. (2014). Selecting the most appropriate inferential 
statistical test for your quantitative research study. Journal of Clinical Nursing, 23(11-
12), 1520-1531. 
Bhattacharya, G. (2012). Self-management of Type 2 diabetes among African Americans in the 
Arkansas delta: A strengths perspective in social-cultural context. Journal of Health Care 
for the Poor and Underserved, 23(1), 161-178. 
Billimek, J., & Sorkin, D. H. (2012). Food insecurity, processes of care, and self‐reported 
medication underuse in patients with Type 2 diabetes: Results from the California Health 
Interview Survey. Health Services Research, 47(6), 2159-2168. 
Black, L. L., Johnson, R., & VanHoose, L. (2015). The relationship between perceived 
racism/discrimination and health among Black American women: A review of the 
literature from 2003 to 2013. Journal of Racial and Ethnic Health Disparities, 2(1), 11-
20. 
96 
 
 
 
Blaum, C. S., Cigolle, C. T., Boyd, C., Wolff, J. L., Tian, Z., Langa, K. M., & Weir, D. R. 
(2010). Clinical complexity in middle-aged and older adults with diabetes: The Health 
and Retirement Study. Medical Care, 48(4), 327-337. 
Bowling, A. (2014). Research methods in health: investigating health and health services. 
London, UK: McGraw-Hill Education. 
Brown, D. R., Carroll, D. D., Workman, L. M., Carlson, S. A., & Brown, D. W. (2014). Physical 
activity and health-related quality of life: U.S. adults with and without limitations. 
Quality of Life Research, 23(10), 2673-2680. 
Carthorn, D., Bailey, D. E., & Anderson, R. (2015). Adaptive challenges rising from the life 
context of African-American caregiving grandmothers with diabetes: A pilot study. 
Healthcare, 3(3), 710-725.  
Centers for Disease Control and Prevention (CDC). (2014a). Behavioral Risk Factor 
Surveillance System Overview: BRFSS 2014. Retrieved from 
www.cdc.gov/brfss/annual_data/2014/pdf/overview_2014.pdf 
Center for Disease Control and Prevention (CDC). (2014b). National diabetes fact sheet: 
national estimates and general information on diabetes and pre-diabetes in the United 
States, 2013. Atlanta, GA: CDC.  
Centers for Disease Control and Prevention (CDC). (2015). Diabetes. Retrieved from 
www.cdc.gov/diabetes/home/index.html 
Chen, R., Cheadle, A., Johnson, D., & Duran, B. (2014). US trends in receipt of appropriate 
diabetes clinical and self-care from 2001 to 2010 and racial/ethnic disparities in care. The 
Diabetes Educator, 40(6), 756-766.  
97 
 
 
 
Cheng, Y. J., Imperatore, G., Geiss, L. S., Wang, J., Saydah, S. H., Cowie, C. C., & Gregg, E. W. 
(2013). Secular changes in the age-specific prevalence of diabetes among US adults: 
1988–2010. Diabetes Care, 36(9), 2690-2696. 
Chlebowy, D. O., Hood, S., & LaJoie, A. S. (2013). Gender differences in diabetes self-
management among African American adults. Western Journal of Nursing Research, 
22(1), 193-199. 
Coates, J. (2013). Build it back better: Deconstructing food security for improved measurement 
and action. Global Food Security, 2(3), 188-194.  
Collins, C. F. (2013). African American women's life issues today: Vital health and social  
matters. Boston, MA: ABC-CLIO. 
Coogan, P. F., Wise, L. A., Cozier, Y. C., Palmer, J. R., & Rosenberg, L. (2012). Life-course 
educational status in relation to weight gain in African American women. Ethnicity & 
Disease, 22(2), 198-213. 
Compton, M. T. (2014). Food insecurity as a social determinant of mental health. Psychiatric 
Annals, 44(1), 46-62. 
Cunningham, P., & Carrier, E. (2014). Trends in the financial burden of medical care for 
nonelderly adults with diabetes, 2001 to 2009. The American Journal of Managed 
Care, 20(2), 135-142. 
Cutrona, C. E., Abraham, W. T., Russell, D. W., Beach, S. R., Gibbons, F. X., Gerrard, M., . . . , 
& Philibert, R. (2014). Financial strain, inflammatory factors, and hemoglobin A1C 
levels in African American women. British Journal of Health Psychology, 1(1), 32-49. 
98 
 
 
 
Dipnall, J. F., Pasco, J. A., Meyer, D., Berk, M., Williams, L. J., Dodd, S., & Jacka, F. N. (2015). 
The association between dietary patterns, diabetes and depression. Journal of Affective 
Disorders, 174, 215-224. 
Doane, D. P., & Seward, L. E. (2011). Measuring skewness: A forgotten statistic. Journal of 
Statistics Education, 19(2), 1-18. 
Dovidio, J. F., Gaertner, S. L., Ufkes, E. G., Saguy, T., & Pearson, A. R. (2016). Included but 
invisible? Subtle bias, common identity, and the darker side of “we.” Social Issues and 
Policy Review, 10(1), 6-16. 
Drong, A. W., Lindgren, C. M., & McCarthy, M. I. (2012). The genetic and epigenetic basis of 
Type 2 diabetes and obesity. Clinical Pharmacology & Therapeutics, 92(6), 707-715. 
Dunlop, D. D., Song, J., Lyons, J. S., Manheim, L. M., & Chang, R. W. (2003). Racial/ethnic 
differences in rates of depression among preretirement adults. American Journal of 
Public Health, 93(11), 1945-1952. 
Ege, M. A., Messias, E., Thapa, P. B., & Krain, L. P. (2015). Adverse childhood experiences and 
geriatric depression: results from the 2010 BRFSS. The American Journal of Geriatric 
Psychiatry, 23(1), 110-114. 
Elsworth, G. R., Newman, S., & Osborne, R. H. (2013). Measurement issues in the evaluation of 
chronic disease self-management programs. Quality of Life Research, 22(7), 1655-1664. 
Evenson, K. R., & McGinn, A. P. (2005). Test-retest reliability of adult surveillance measures 
for physical activity and inactivity. American Journal of Preventive Medicine, 28(5), 470-
478. 
Everson-Rose, S. A., Lewis, T. T., Karavolos, K., Matthews, K. A., Sutton-Tyrrell, K., & 
Powell, L. H. (2006). Cynical hostility and carotid atherosclerosis in African American 
99 
 
 
 
and white women: The Study of Women's Health across the Nation (SWAN) Heart 
Study. American Heart Journal, 152(5), 982-995. 
Faul, F., Erdfelder, E., Buchner, A., & Lang, A. G. (2009). Statistical power analyses using G* 
Power 3.1: Tests for correlation and regression analyses. Behavior Research Methods, 
41(4), 1149-1160. 
Feil, D. G., Zhu, C. W., & Sultzer, D. L. (2012). The relationship between cognitive impairment 
and diabetes self-management in a population-based community sample of older adults 
with Type 2 diabetes. Journal of Behavioral Medicine, 35(2), 190-199. 
Field, A. (2013). Discovering statistics. Thousand Oaks, CA: Sage. 
Franklin, B., Jones, A., Love, D., Puckett, S., Macklin, J., & White-Means, S. (2012). Exploring 
mediators of food insecurity and obesity: A review of recent literature. Journal of 
Community Health, 37(1), 253-264. 
Fritschi, C., & Quinn, L. (2010). Fatigue in patients with diabetes: A review. Journal of 
Psychosomatic Research, 69(1), 33-41. 
Gallo, J. J., Cooper-Patrick, L., & Lesikar, S. (1998). Depressive symptoms of whites and 
African Americans aged 60 years and older. The Journals of Gerontology Series B: 
Psychological Sciences and Social Sciences, 53(5), 277-p286. 
Galobardes, B., Shaw, M., Lawlor, D. A., Lynch, J. W., & Smith, G. D. (2006). Indicators of 
socioeconomic position. Journal of Epidemiology and Community Health, 60(1), 7-12. 
Garson, G. D. (2012). Testing statistical assumptions. Asheboro, NC: Statistical Associates. 
Gebreab, S. Y., Diez-Roux, A. V., Hickson, D. A., Boykin, S., Sims, M., Sarpong, D. F., ... & 
Wyatt, S. B. (2012). The contribution of stress to the social patterning of clinical and 
100 
 
 
 
subclinical CVD risk factors in African Americans: The Jackson Heart Study. Social 
Science & Medicine, 75(9), 1697-1707. 
Ghaed, S. G., & Gallo, L. C. (2007). Subjective social status, objective socioeconomic status, 
and cardiovascular risk in women. Health Psychology, 26(6), 668-682. 
Gonzalez, J. S., Schechter, C. B., Silver, L., Carrasco, J., & Walker, E. A. (2012). Distress and 
diabetes self-care in impoverished minorities living with Type 2 diabetes. Annals of 
Behavioral Medicine, 43, S269-S280.  
Gorard, S. (2012). Statistical and correlational techniques. In J. Arthur (Ed.). Research methods 
and methodologies in education (pp. 119-127). Thousand Oaks, CA; Sage. 
Grabner, M. (2012). BMI trends, socioeconomic status, and the choice of dataset. Obesity Facts, 
5(1), 112-126. 
Gucciardi, E., Vogt, J. A., DeMelo, M., & Stewart, D. E. (2009). An exploration of the 
relationship between household food insecurity and diabetes mellitus in Canada. Diabetes 
Care, 21(2), 201-219. 
Gucciardi, E., Mathew, R., DeMelo, M., & Bondy, S. J. (2011). Profiles of smokers and non-
smokers with Type 2 diabetes: Initial visit at a diabetes education centers. Primary Care 
Diabetes, 5(3), 185-194. 
Gucciardi, E., Chan, V. W. S., Manuel, L., & Sidani, S. (2013). A systematic literature review of 
diabetes self-management education features to improve diabetes education in women of 
Black African/Caribbean and Hispanic/Latin American ethnicity. Patient Education and 
Counseling, 92(2), 235-245. 
101 
 
 
 
Gucciardi, E., Vahabi, M., Norris, N., Del Monte, J. P., & Farnum, C. (2014). The intersection 
between food insecurity and diabetes: A review. Current Nutrition Reports, 3(4), 324-
332.  
Haig, B. D. (2014). Investigating the psychological world: Scientific method in the behavioral 
sciences. Boston, MA: MIT Press. 
Hartman, T. J., Haardörfer, R., Whitaker, L. L., Addison, A., Zlotorzynska, M., Gazmararian, J. 
A., & Kegler, M. C. (2015). Dietary and behavioral factors associated with diet quality 
among low-income overweight and obese African American women. Journal of the 
American College of Nutrition, 34(5), 416-424.  
Hayes, A. F. (2013). Introduction to mediation, moderation, and conditional process analysis: A 
regression-based approach. Florence, KY: Guilford Press. 
Headey, D., & Ecker, O. (2013). Rethinking the measurement of food security: From first 
principles to best practice. Food Security, 5(3), 327-343. 
Herrick, H. W. B (2015). The association of psychological distress, chronic disease, and health 
risk factors-North Carolina. Retrieved from 
www.schs.state.nc.us/schs/pdf/BRFSS_SU7_20150610.pdf 
Hewitt, J., Smeeth, L., Chaturvedi, N., Bulpitt, C. J., & Fletcher, A. E. (2011). Self-management 
and patient understanding of diabetes in the older person. Diabetic Medicine, 28(1), 117-
122. 
Hinrichsen, G.A. (2010). Public policy and the provision of psychological services to older 
adults. Professional Psychology: Research & Practice, 41(2), 97-103. 
Holden, K. B., Bradford, L. D., Hall, S. P., & Belton, A. S. (2013). Prevalence and correlates of 
depressive symptoms and resiliency among African American women in a community-
102 
 
 
 
based primary health care center. Journal of Health Care for the Poor and 
Underserved, 24(4), 79-87. 
Hojat, M., & Xu, G. (2004). A visitor's guide to effect sizes–statistical significance versus 
practical (clinical) importance of research findings. Advances in Health Sciences 
Education, 9(3), 241-249. 
Hunn, V. L., & Craig, C. D. (2009). Depression, sociocultural factors, and African American 
women. Journal of Multicultural Counseling and Development, 37(2), 83-93. 
Hurd, M. D., Martorell, P., Delavande, A., Mullen, K. J., & Langa, K. M. (2013). Monetary costs 
of dementia in the United States. New England Journal of Medicine, 368(14), 1326-1334. 
Im, E. O., Ko, Y., Hwang, H., Yoo, K. H., Chee, W., Stuifbergen, A., & Chee, E. (2012). 
“Physical activity is a luxury:” African American women’s attitudes toward physical 
activity. Western Journal of Nursing Research, 34(3), 317-339. 
Ivers, L. C., & Cullen, K. A. (2011). Food insecurity: Special considerations for women. The 
American Journal of Clinical Nutrition, 94(6), S1740-S1744. 
Jack, L., Jack, N. H., & Hayes, S. C. (2012). Social determinants of health in minority 
populations: A call for multidisciplinary approaches to eliminate diabetes-related health 
disparities. Diabetes Spectrum, 25(1), 9-13. 
Jack, L., Liburd, L. C., Tucker, P., & Cockrell, T. (2014). Having their say: Patients’ 
perspectives and the clinical management of diabetes. Clinical Therapeutics, 36(4), 469-
476. 
Jackson, T. (2015, November). Impact of diabetes self-management education on diabetes 
process measures: An analysis of Behavioral Risk Factor Surveillance System data. 
103 
 
 
 
Presentation conducted at the 143rd APHA Annual Meeting and Exposition: Atlanta, 
GA.  
Javed, F., Aziz, E. F., Sabharwal, M. S., Nadkarni, G. N., Khan, S. A., Cordova, J. P., ... & Pi‐
Sunyer, F. X. (2011). Association of BMI and cardiovascular risk stratification in the 
elderly African‐American females. Obesity, 19(6), 1182-1186. 
Johnson, P. J., Ghildayal, N., Rockwood, T., & Everson-Rose, S. A. (2014). Differences in 
diabetes self-care activities by race/ethnicity and insulin use. The Diabetes Educator, 
40(6), 767-777. 
Johnson, P., & Wesley, Y. (2012). Scholarly perspectives on obesity among black women. ABNF 
Journal, 23(3), 46-50.  
Kaiser Family Foundation. (2012). The role of Medicaid for people with diabetes. Retrieved 
from http://www.kaiserfamilyfoundation.files.wordpress.com/2013/01/8383_d.pdf 
Karter, A. J., Laiteerapong, N., Chin, M. H., Moffet, H. H., Parker, M. M., Sudore, R., ... & 
Piette, J. D. (2015). Ethnic differences in geriatric conditions and diabetes complications 
among older, insured adults with diabetes: The Diabetes and Aging Study. Journal of 
Aging and Health, 8(3), 301-321. 
Keith, N. R., Clark, D. O., Stump, T. E., & Callahan, C. M. (2015). Validity of self-reported 
fitness across Black and White race, gender, and health literacy subgroups. American 
Journal of Health Promotion, 29(4), 266-272. 
Kerr, E. A., Heisler, M., Krein, S. L., Kabeto, M., Langa, K. M., Weir, D., & Piette, J. D. (2007). 
Beyond comorbidity counts: How do comorbidity type and severity influence diabetes 
patients’ treatment priorities and self-management? Journal of General Internal 
Medicine, 22(12), 1635-1640. 
104 
 
 
 
Kessler, R. C., Barker, P. R., Colpe, L. J., Epstein, J. F., Gfroerer, J.C., Hiripi, E., Howes, M. J., 
Normand, S-L. T., Manderscheid, R. W., Walters, E. E., Zaslavsky, A. M. (2003). 
Screening for serious mental illness in the general population. Archives of General 
Psychiatry, 60(2), 184-189. 
Kessler, R. C., Andrews, G., Colpe, L. J., Hiripi, E., Mroczek, D. K., Normand, S.-L.T., Walters, 
E.E., & Zaslavsky, A. (2002). Short screening scales to monitor population prevalances 
and trends in nonspecific psychological distress. Psychological Medicine, 32(6), 959-976. 
Kim, S. O., Kim, S. K., Cho, Y. W. & Park, S. W. (2012). Management of Type 2 diabetes 
mellitus in older adults. Diabetes and Metabolism Journal, 36(5), 336-344. 
Klugh, H. E. (2013). Statistics: The essentials for research. New York, NY: Psychology Press. 
Komar‐Samardzija, M., Braun, L. T., Keithley, J. K., & Quinn, L. T. (2012). Factors associated 
with physical activity levels in African American women with Type 2 diabetes. Journal 
of the American Academy of Nurse Practitioners, 24(4), 209-217. 
Kong, A., Tussing‐Humphreys, L. M., Odoms‐Young, A. M., Stolley, M. R., & Fitzgibbon, M. 
L. (2014). Systematic review of behavioral interventions with culturally adapted 
strategies to improve diet and weight outcomes in African American women. Obesity 
Reviews, 15(S4), 62-92. 
Kotrlik, J. W., Williams, H. A., & Jabor, M. K. (2011). Reporting and interpreting effect size in 
quantitative agricultural education research. Journal of Agricultural Education, 52(1), 
132-142. 
Kowalczuk-Walędziak, M. (2015). Paradigms of research for the 21st century: Perspectives and 
examples from practice. Journal of Education for Teaching, 41(1), 105-108. 
105 
 
 
 
Kulie, T., Slattengren, A., Redmer, J., Counts, H., Eglash, A., & Schrager, S. (2011). Obesity 
and women's health: An evidence-based review. The Journal of the American Board of 
Family Medicine, 24(1), 75-85. 
Kwon, S., Wang, M., & Hawkins, M. (2016). Association between self-reported physical activity 
and obesity among White, Black, Hispanic, and Asian Americans: 2007 and 2009 
BRFSS. Ethnicity & Disease, 23(2), 129-135. 
Lamers, F., Jonkers, C. M., Bosma, H., Knottnerus, J., & van Eijk, J. T. (2011). Treating  
depression in diabetes patients: Does a nurse-administered minimal psychological 
intervention affect diabetes-specific quality of life and glycemic control? A randomized 
controlled trial. Journal of Advanced Nursing, 67(4), 788-799.  
Lancaster, K. J., Carter‐Edwards, L., Grilo, S., Shen, C., & Schoenthaler, A. M. (2014). Obesity 
interventions in African American faith‐based organizations: A systematic 
review. Obesity Reviews, 15(S4), 159-176. 
Landrine, H., & Corral, I. (2014). Advancing research on racial-ethnic health disparities: 
Improving measurement equivalence in studies with diverse samples. Frontiers in Public 
Health, 2, 282-294. 
Laraia, B. A. (2013). Food insecurity and chronic disease. Advances in Nutrition: An 
International Review Journal, 4(2), 203-212. 
Lawrence, J. C., & Knol, L. L. (2012). Body composition measures differ by food security status 
within ethnic groups among older adult women. Journal of the Academy of Nutrition and 
Dietetics, 112(9), A12-A18. 
Lee, A.S., & Mohajeri, K. (2012). Linking relevance to practical significance. Retrieved from  
 https://www.computer.org/csdl/proceedings/hicss/2012/4525/00/4525f234.pdf 
106 
 
 
 
LeFebvre, R. (2013). P values, statistical significance & clinical significance. Retrieved from 
 https://www.uws.edu/wp-
content/uploads/2013/10/P_Values_Statistical_Sig_Clinical_Sig.pdf 
Kotrlik, J. W., Williams, H. A., & Jabor, M. K. (2011). Reporting and interpreting effect size in 
quantitative agricultural education research. Journal of Agricultural Education, 52(1), 
132-142. 
Leon-Guerrero, A., & Frankfort-Nachmias, C. (2014). Essentials of social statistics for a diverse 
society. Thousand Oaks, CA: Sage. 
Lin, M., Lucas, H.C., & Shmueli (2011).  Too big to fail: Larger samples and false discoveries. 
Retrieved from 
https://www.researchgate.net/profile/Galit_Shmueli/publication/228296085_Too_Big_to
_Fail_Larger_Samples_and_False_Discoveries/links/0c960519b9176a961c000000.pdf 
Liu, W.M. (2013). The Oxford handbook of social class in counseling. Oxford, UK: Oxford 
University Press. 
Lynch, E. B., Fernandez, A., Lighthouse, N., Mendenhall, E., & Jacobs, E. (2012). Concepts of 
diabetes self-management in Mexican American and African American low-income 
patients with diabetes. Health Education Research, 27(5), 814-824. 
Ma, Y., Hébert, J. R., Balasubramanian, R., Wedick, N. M., Howard, B. V., Rosal, M. C. . . . , & 
Manson, J. E. (2013). All-cause, cardiovascular, and cancer mortality rates in 
postmenopausal White, Black, Hispanic, and Asian women with and without diabetes in 
the United States. American Journal of Epidemiology, 178(10), 1533-1541. 
Mair, C. A. (2009). Social ties and depression: An intersectional examination of Black and White 
community-dwelling older adults. Journal of Applied Gerontology, 29(6), 667-696. 
107 
 
 
 
March, D., Luchsinger, J. A., Teresi, J. A., Eimicke, J. P., Findley, S. E., Carrasquillo, O., & 
Palmas, W. (2014). High rates of depressive symptoms in low-income urban Hispanics of 
Caribbean origin with poorly controlled diabetes: Correlates and risk factors. Journal of 
Health Care for the Poor and Underserved, 25(1), 321-331. 
Matthews, K. A. (2005). Psychological perspectives on the development of coronary heart 
disease. American Psychologist, 60(8), 783-800.  
Matthews, K.A., & Gallo, L.C. (2011). Psychological perspectives on pathways linking 
socioeconomic status and physical health. Annual Review of Psychology, 62, 501-521. 
Matthews, K. A., Räikkönen, K., Gallo, L., & Kuller, L. H. (2008). Association between 
socioeconomic status and metabolic syndrome in women: Testing the Reserve Capacity 
Model. Health Psychology, 27(5), 576. 
McNabb, W., Quinn, M., & Tobian, J. (2014). Diabetes in African American women: The silent 
epidemic. Women's Health: Research on Gender, Behavior, and Policy, 1, 275-301. 
Mickelson, K. D., & Hazlett, E. (2014). “Why me?”: Low-income women’s poverty attributions, 
mental health, and social class perceptions. Sex Roles, 71(9-10), 319-332. 
Mullings, L. (2014). On our own terms: Race, class, and gender in the lives of African-American 
Women. Florence, KY: Routledge. 
Musselman, D. L., Ziemer, D. C., McNutt, M. D., Seay, J. S., Royster, E. B., Larsen, B., & 
Harvey, P. D. (2014). Depression, deficits in functional capacity, and impaired glycemic 
control in urban African Americans with type 2 diabetes. Journal of Psychiatric 
Research, 52, 21-27.  
Myers, H. F. (2009). Ethnicity-and socio-economic status-related stresses in context: An 
integrative review and conceptual model. Journal of Behavioral Medicine, 32(1), 9-19. 
108 
 
 
 
National Diabetes Education Program (NDEP). (2015). National diabetes statistics report, 2014. 
Retrieved from www.cdc.gov/diabetes/pubs/statsreport14/national-diabetes-report-
web.pdf 
Nau, R. (2015). Linear regression analysis and testing of assumptions. Retrieved from 
http://people.duke.edu/~rnau/Notes_on_linear_regression_analysis--Robert_Nau.pdf  
Nguyen, A. W., Taylor, R. J., Peterson, T., & Chatters, L. M. (2013). Health, disability, 
psychological well-being, and depressive symptoms among older African American 
women. Women, Gender, and Families of Color, 1(2), 105-123. 
Nolte, S., Paniagua, F. A., & Yamada, A. M. (Eds.). (2013). Handbook of multicultural mental 
health: Assessment and treatment of diverse populations. New York, NY: Academic 
Press. 
Office on Women’s Health. (2015). Minority women’s health: Diabetes. Retrieved from 
womenshealth.gov/minority-health/african-americans/diabetes.html 
Okeke, E. (2016). I’ve got diabetes, now what? How to live with and cope with your diagnosis. 
Sudbury, MA: Jones & Bartlett. 
Papelbaum, M., Moreira, R. O., Coutinho, W., Kupfer, R., Zagury, L., Freitas, S., & Appolinário, 
J. C. (2011). Depression, glycemic control and type 2 diabetes. Diabetes and Metabolic 
Syndrome, 3(1), 26-35. 
Pierannunzi, C., Hu, S. S., & Balluz, L. (2013). A systematic review of publications assessing 
reliability and validity of the Behavioral Risk Factor Surveillance System (BRFSS), 
2004–2011. BMC Medical Research Methodology, 13(1), 49-57. 
109 
 
 
 
Pinto, P. L., Seemungal, T. A., Teelucksingh, S., & Nayak, B. S. (2013). Restrictive pulmonary 
deficit is associated with inflammation in sub-optimally controlled obese diabetics. 
Journal of Thoracic Disease, 5(3), 289-297. 
Punch, K. F. (2013). Introduction to social research: Quantitative and qualitative approaches. 
Thousand Oaks, CA: Sage. 
Quandt, S. A., Reynolds, T., Chapman, C., Bell, R. A., Grzywacz, J. G., Ip, E. H., ... & Arcury, 
T. A. (2013). Older adults’ fears about diabetes using common sense models of disease to 
understand fear origins and implications for self-management. Journal of Applied 
Gerontology, 32(7), 783-803. 
Quirk, S. E., Williams, L. J., Adrienne, O., Pasco, J. A., Jacka, F. N., Housden, S., ... & Brennan, 
S. L. (2013). The association between diet quality, dietary patterns and depression in 
adults: A systematic review. BMC Psychiatry, 13(1), 175-186. 
Rahim-Williams, B. (2011). Beliefs, behaviors, and modifications of type 2 diabetes self-
management among African American women. Journal of the National Medical 
Association, 103(3), 203-213. 
Rees, C. A., Karter, A. J., & Young, B. A. (2010). Race/ethnicity, social support, and 
associations with diabetes self-care and clinical outcomes in NHANES. The Diabetes 
Educator, 36(3), 435-445.  
Rizzo, V. M., & Kintner, E. (2013). The utility of the behavioral risk factor surveillance system 
(BRFSS) in testing quality of life theory: An evaluation using structural equation 
modeling. Quality of Life Research, 22(5), 987-995 
110 
 
 
 
Roberts, D. O., Nickel, K. B., Mattfeldt-Beman, M., Fearn, N., Jones, L., & Cottler, L. B. (2014). 
Drinking severity and its association with nutrition risk among African American 
women. Journal of Ethnicity in Substance Abuse, 13(2), 93-103. 
Rosen, B. L., & DeMaria, A. L. (2012). Statistical significance vs. practical significance: an 
exploration through health education. American Journal of Health Education, 43(4), 235-
241. 
Rosen, C., Drescher, K. D., Moos, R. D., Finney, J. W., Murphy, R. T., & Gusman, F. (2000). 
Six and ten item indices of psychological distress based on the Symptom Checklist-90. 
Assessment, 7(2), 103-111. 
Rovner, B. W., Casten, R. J., & Harris, L. F. (2013). Sociocultural influences on diabetes self-
management behaviors in older African Americans. Diabetes Spectrum, 26(1), 29-33. 
Samuel-Hodge, C. D., Cene, C. W., Corsino, L., Thomas, C., & Svetkey, L. P. (2013). Family 
diabetes matters: A view from the other side. Journal of General Internal Medicine, 
28(3), 428-435. 
Saylor, J., Friedmann, E., & Lee, H. J. (2012). Navigating complex sample analysis using 
national survey data. Nursing Research, 61(3), 231-237. 
Seligman, H. K., Davis, T. C., Schillinger, D., & Wolf, M. S. (2010). Food insecurity is 
associated with hypoglycemia and poor diabetes self-management in a low-income 
sample with diabetes. Journal of Health Care for the Poor and Underserved, 21(4), 1227. 
Seligman, H. K., Jacobs, E. A., Lopez, A., Tschann, J., & Fernandez, A. (2012). Food insecurity 
and glycemic control among low-income patients with Type 2 diabetes. Diabetes 
Care, 35(2), 233-238. 
111 
 
 
 
Sharma, M. (2006). School‐based interventions for childhood and adolescent obesity. Obesity 
Reviews, 7(3), 261-269.  
Sharma, M. (2008). Qualitative research methods. In K. E. Berg & R. W. Latin, Essentials of 
research methods in health, physical education, exercise science, and recreation. (3rd 
ed., pp. 245-258). Philadelphia, PA: Lippincott. 
Sharma, M. (2011). Dietary education in school-based childhood obesity prevention programs. 
Advances in Nutrition: An International Review Journal, 2(2), 207S-216S. 
Sharma, M. (2017). Theoretical foundations of health education and health promotion (3rd ed.) 
Sudbury, MA: Jones and Bartlett. 
Sharma, M., Wagner, D. I., & Wilkerson, J. (2004). Predicting childhood obesity prevention 
behaviors using social cognitive theory. International Quarterly of Community Health 
Education, 24(3), 191-203. 
Shim, R. S., Baltrus, P., Bradford, L. D., Holden, K. B., Fresh, E., & Fuller Sr, L. E. (2013). 
Characterizing depression and comorbid medical conditions in African American women 
in a primary care setting. Journal of the National Medical Association, 105(2), 183-197. 
Siefert, K., Heflin, C. M., Corcoran, M. E., & Williams, D. R. (2001). Food insufficiency and the 
physical and mental health of low-income women. Women & Health, 32(1-2), 159-177. 
Skelly, A. H., Carlson, J., Leeman, J., Soward, A., & Burns, D. (2009). Controlled trial of 
nursing interventions to improve health outcomes of older African American women with 
Type 2 diabetes. Nursing Research, 58(6), 410-417.  
Spence, N. J., Adkins, D. E., & Dupre, M. E. (2011). Racial differences in depression: 
Trajectories among older women--Socioeconomic, family, and health influences. Journal 
of Health and Social Behavior, 52(4), 444-459. 
112 
 
 
 
Springfield, S., Buscemi, J., Fitzgibbon, M. L., Stolley, M. R., Zenk, S. N., Schiffer, L., & 
Odoms-Young, A. (2015). A randomized pilot study of a community-based weight loss 
intervention for African-American women: Rationale and study design of Doing Me! 
Sisters Standing Together for a Healthy Mind and Body. Contemporary Clinical 
Trials, 43, 200-208. 
Strings, S. (2015). Obese Black women as “Social Dead Weight”: Reinventing the “Diseased 
Black Woman.” Signs, 41(1), 107-130. 
Strings, S., Ranchod, Y. K., Laraia, B., & Nuru-Jeter, A. (2016). Race and sex differences in the 
association between food insecurity and Type 2 diabetes. Ethnicity & Disease, 26(3), 
427-438. 
Sutherland, M. E. (2013). Overweight and obesity among African American women: An 
examination of predictive and risk factors and weight-reduction recommendations. 
Journal of Black Studies, 44(8), 846-869.  
Tan, L. S. M., Khoo, E. Y. H., Tan, C. S., Griva, K., Mohamed, A., New, M., ... & Wee, H. L. 
(2015). Sensitivity of three widely used questionnaires for measuring psychological 
distress among patients with Type 2 diabetes mellitus. Quality of Life Research, 24(1), 
153-162. 
Tanenbaum, M. L., Leventhal, H., Breland, J. Y., Yu, J., Walker, E. A., & Gonzalez, J. S. 
(2015). Educational and psychological issues and successful self-management among 
non-insulin-treated adults with Type 2 diabetes: A self-regulation perspective. Diabetic 
Medicine, 1(1), 1-9. doi:10.1111.dme.12745 
113 
 
 
 
Thompson, V. L. S. (2015). Use of culturally focused theoretical frameworks for adapting 
diabetes prevention programs: A qualitative review. Preventing Chronic Disease, 12. 
Retrieved from www.cdc.gov/PCD/issues/2015/14_0421.htm 
Timmons, S. M. (2015). Review and evaluation of faith-based weight management interventions 
that target African American women. Journal of Religion and Health, 54(2), 798-809. 
Tsenkova, V. K., Albert, M. A., Georgiades, A., & Ryff, C. D. (2012). Trait anxiety and glucose 
metabolism in people without diabetes: Vulnerabilities among Black women. Diabetic 
Medicine, 29(6), 803-806. 
United States Administration on Aging (USAA). (2015). Data and statistics. Retrieved 
www.acl.gov/Data_Outcomes/Index.aspx#Data_and_Statistics 
United States Census Bureau. (2015). Quick facts: United States. Retrieved from 
quickfacts.census.gov/qfd/states/00000.html 
United States Department of Agriculture. (USDA). (2014). Definitions of food security. 
Retrieved from www.ers.usda.gov/topics/food-nutrition-assistance/food-security-in-the-
us/definitions-of-food-security.aspx 
Van Zutven, K., Mond, J., Latner, J., & Rodgers, B. (2015). Obesity and psychosocial 
impairment: Mediating roles of health status, weight/shape concerns and binge eating in a 
community sample of women and men. International Journal of Obesity, 39(2), 346-352. 
Wallston, K. (2013). Multidimensional Health Locus of Control Scales. In K. Wallston (Ed.). 
Encyclopedia of behavioral medicine (pp. 1266-1269). New York, NY: Springer. 
Wilkinson, M. (2014). Clinical and practical importance versus statistical significance: 
limitations of conventional statistical inference. International Journal of Therapy and 
Rehabilitation, 21(10), 488-494. 
114 
 
 
 
Williams, C. (2011). Research methods. Journal of Business & Economics Research 
(JBER), 5(3), 65-72. 
Wilson, C., Alam, R., Latif, S., Knighting, K., Williamson, S., & Beaver, K. (2012). Patient 
access to healthcare services and optimizations of self‐management for ethnic minority 
populations living with diabetes: A systematic review. Health & Social Care in the 
Community, 20(1), 1-19. 
Zahodne, L. B., Nowinski, C. J., Gershon, R. C., & Manly, J. J. (2014). Depressive symptoms 
are more strongly related to executive functioning and episodic memory among African 
Americans compared with non-Hispanic White older adults. Archives of Clinical 
Neuropsychology, 29(7), 663-669. 
Zulman, D. M., Rosland, A. M., Choi, H., Langa, K. M., & Heisler, M. (2012). The influence of 
diabetes psychosocial attributes and self-management practices on change in diabetes 
status. Patient Education and Counseling, 87(1), 74-80. 
  
115 
 
 
 
Appendix A: Permission Letter 
Pearlean Day 
812 Charles Street 
Ruleville, Mississippi 38771 
 
January 4, 2015 
 
Dr. Karen A. Matthews 
Department of Psychiatry, WPIC 
University of Pittsburg School of Medicine 
3811 O’Hara Street 
Pittsburg, PA 15213 
 
 
Dear Dr. Matthews: 
 
As stated in my previous e-mail, I am completing a doctoral dissertation at Walden University 
entitled Food Insecurity, Depression, and Diabetes Self-Management Practices in Low Income African 
American Older Adult Women. I am requesting your permission to reprint in my dissertation the Reserve 
Capacity Model from Matthews, K.A., & Gallo, L.C. (2011). Psychological perspectives on pathways 
linking socioeconomic status and physical health in the Annual Review of Psychology, 62, 501-521. 
 
The diagram to be reproduced is your Reserve Capacity Model. In your article, Matthews (2005). 
It was posited that the RCM provides a sound framework in which to study psychosocial mediators. 
According to the RCM, low socioeconomic status can impact health outcomes directly as well as 
indirectly via influences and interactions with stressors, reserve capacities, emotional and cognitive 
factors, and intermediate behaviors. You postulated that low SES can frequently incur numerous chronic 
stressors, which can, over time, thwart one’s reserve capacities, or personal resources, “that can otherwise 
buffer stress.”  Few if any studies have utilized Matthews’s RCM to explain processes as they related to 
diabetes self-management practices. 
 
 Your signing of this document will confirm that you developed the model used and tested 
relationships between socioeconomic statues, psychosocial characteristics, and health outcomes. If the 
above documentation meets your approval, please sign, scan, and e-mail as soon as possible. 
 
 
Thank you very much. 
 
Sincerely, 
 
Pearlean Day  
 
PERMISSION GRANTED FOR THE USE REQUESTED ABOVE: 
  
116 
 
 
 
Appendix B: RCM Model 
 
 
 
 
 
Matthews’s (2005) Reserve Capacity Model 
